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Abstract 
The main aim of this minor dissertation is to gain a greater understanding of gender differences 
in subjective well-being in South Africa. Happiness1 or subjective well-being is the primary 
objective of most, if not all, people (Veenhoven, 1984; Ng, 1996). In an attempt to better 
understand which factors influence one’s happiness, economists in both developed and 
developing countries have turned to self-reported life satisfaction surveys to identify the 
possible determinants of subjective well-being. Previous South African studies have found that 
the level of life satisfaction is not the same for males and females. This is problematic, as 
differences in happiness between genders may have potential unwanted spill-overs by adding 
to other disparities in society (Veenhoven, 2005). Empirical research on gender gaps in 
subjective well-being is well-documented in developed countries such as the United States of 
America and the United Kingdom. However, there are no studies in South Africa that explicitly 
decompose the gender gaps in happiness. Against this background, this minor dissertation 
contributes to the international literature by decomposing a gender happiness gap for a 
developing, upper middle-income country, which has previously not been done before. In 
addition, this minor dissertation contributes to the South African literature by examining 
changes in the gender happiness gap at two points in time. 
  
This minor dissertation employs the Wave 1 (2008) and Wave 5 (2017) datasets of the National 
Income Dynamics Study (NIDS) to examine the determinants of subjective well-being by 
gender at two points in time. Furthermore, we investigate if there is a gender happiness gap in 
South Africa in 2008 and 2017, and if so, whether the size of the gender happiness gap has 
changed over time. To do so, we first use a multivariate analysis to determine the covariates of 
life satisfaction for males and females in 2008 and 2017, respectively. Thereafter, we 
                                                 
1 Consistent with other studies, we use the words ‘subjective well-being’ ‘life satisfaction’ and ‘happiness’ 
interchangeably. 
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decompose the gender happiness gap for the two time periods using the Blinder-Oaxaca 
decomposition model. Our results show that in 2008, more than three-quarters of the gender 
happiness gap favouring men can be explained by the differences in observed characteristics 
between males and females. The results change considerably from 2008 to 2017. In particular, 
the gender happiness gap favouring men narrows to a point where it is no longer statistically 
significant. The main reason for this change is that women have become better at generating 
greater “returns” from their observed characteristics. This is a possible indication that policies 
aimed at addressing gender inequality in South Africa (such as Affirmative Action and the 
National Policy Framework for Women's Empowerment and Gender Equality)  have helped in 
reducing the gap in happiness between genders, because females have become more efficient 
in transforming their observed characteristics into higher levels of happiness. As a result, 
females’ happiness increased at a relatively faster rate than males’ happiness, hence the 
narrowing of the overall gender happiness gap in South Africa. 
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Chapter 1: Introduction  
The purpose of this minor dissertation is to shed light on gender differences in subjective well-
being2 in South Africa, and the changes over time, by comparing the years 2008 and 2017, 
respectively. To do so, we investigate the following research objectives: Firstly, identify which 
gender appears to be relatively happier, on average, in 2008 and 2017, respectively. Secondly, 
examine and compare the determinants of happiness in the two time periods for males and 
females. Thirdly, determine if there is a gender happiness gap in South Africa for the years 
2008 and 2017, and if so, identify if the size of the gender happiness gap has changed over 
time. In addition, determine whether the gender happiness gap can be explained by the 
differences in characteristics or coefficients in 2008 and 2017, respectively. Lastly, examine 
and compare the proportional contribution of each variable to the explained and unexplained 
components of the gender happiness gap in 2008 and 2017, respectively.  
 
1.1. Background and problem statement 
Happiness is the primary objective of most, if not all, people (Veenhoven, 1984; Ng, 1996). In 
recent years policy-makers, social scientists, governments and people from all around the world 
have shifted from their traditional ways of thinking about development to a more holistic 
approach as they have begun to prioritise alternative measures of well-being (Montgomery, 
2016). The World Happiness Report is a clear example of this. The landmark report which is 
published on an annual basis by the United Nations Sustainable Development Solutions 
Network, ranks the state of global happiness of 156 countries based on how happy their citizens 
perceive themselves to be (Helliwell, Layard & Sachs, 2013; 2019).  
 
Worryingly, not only does South Africa have high levels of income inequality, but it also ranks 
extremely low in terms of happiness. According to the 2013 World Happiness Report, South 
Africa ranked 96th out of 156 countries, and in the most recent 2019 report, South Africa’s 
ranking fell to 106th (Helliwell et al, 2013; 2019). Given the fact that South Africa is ranked 
one of the unhappiest and most unequal countries in the world, according to the United Nations 
(Helliwell et al, 2019) and the World Bank (World Bank 2018), it is critical for researchers to 
investigate and explore the topic of happiness inequality in further detail. Such research will 
                                                 
2 Subjective well-being refers to an individual’s perceived well-being and is grounded on an individual’s answer 
to either a sole question or a group of questions relating to his/her subjectively perceived satisfaction or 
happiness with life as a whole. 
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inform policy-makers on, among other, which (gender) groups are happier (or unhappier) than 
others, as well as what makes them happy (or unhappy), with the goal of also reaching higher 
levels of (gender) happiness equality in the country. At the same time, such knowledge enables 
all South Africans to gain a greater understanding and appreciation of their own subjective 
well-being, relative to the same gender and opposite gender groups.  
 
Veenhoven (1988) provides several reasons as to why a society with happy citizens is likely to 
flourish much more than those with unhappy ones. Firstly, on a political level, happy citizens 
tend to be more concerned and proactive about social issues. Secondly, on an economic level, 
happy citizens tend to be healthier and more productive. Lastly, on a social level, happy citizens 
tend to develop more intimate relationships with friends and family members, which in turn 
creates the foundation for a sane and stable society. 
 
In addition to societal happiness, it is also very important for the level of happiness between 
men and women to be equal. Veenhoven (2005) provides three explanations for this. Firstly, it 
is a moral preference, in that most people tend to dislike inequality and therefore prefer living 
in a society with low inequality of happiness. Secondly, differences in happiness may be a good 
indicator of other inequalities in society, for example, inequality in healthcare or education. 
Lastly, differences in happiness may have potential unwanted spill-over effects by adding to 
other disparities in society, such as income inequality or opportunity inequality.  
 
1.2. Contribution of the study 
This minor dissertation contributes to the international literature by decomposing the gender 
happiness gap in South Africa, using the linear Blinder-Oaxaca (Blinder, 1973; Oaxaca, 1973) 
decomposition model for the years 2008 and 2017. This methodology has previously been used 
by Madden (2010) to decompose gender differences in mental well-being in Ireland for the 
years 1994 and 2000. Unlike Madden (2010) who conducted their study in a developed and 
high-income country, Ireland, we apply their analysis to a developing and upper middle-income 
country, South Africa (World Economic Situation and Prospects, 2014). To provide some 
context to support this, Ireland had a Gini coefficient of 0.31 in 2016, while South Africa’s 
Gini coefficient was exactly twice as large in the prior year (0.62 in 2015)3. Moreover, in 2015, 
                                                 
3 Organisation for Economic Co-operation and Development (OECD). (2019). Income inequality (indicator). 
Available at: https://data.oecd.org/inequality/income-inequality.htm [Accessed on 18 October 2019]. 
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Ireland’s GDP growth rate was 25.56 percent, while South Africa’s was a mere 1.28 percent4. 
Thus, these major country differences warrant further investigation within the context of South 
Africa.  
 
In South Africa, the literature on the determinants of subjective well-being is rich (see for 
example, Kollamparambil, 2019; Blaauw, Botha & Schenck, 2018; Posel & Casale, 2015; 
Blaauw & Pretorius, 2013; Ebrahim et al, 2013), and generally points to the existence of gender 
differences in happiness. These studies typically find the gender coefficient to be negative and 
statistically significant, implying that females in South Africa experience significantly lower 
levels of subjective well-being compared to their male counterparts (Greyling, 2018; Blaauw 
& Pretorius, 2013; Ebrahim et al, 2013). Yet, to the best of our knowledge, there are no studies 
in South Africa that investigate gender differences in happiness by decomposing the gender 
happiness gap using the Blinder-Oaxaca decomposition model for two time periods. 
 
Based on the shortcomings in the literature, this minor dissertation seeks to contribute to the 
international literature in the following ways: 
1. This minor dissertation contributes to the international literature by decomposing a 
gender happiness gap for a developing, upper middle-income country, which has not 
been done before. Previously, this has only been done in Chile by Boncompte and 
Paredes (2019) and in Ireland by Madden (2010), both countries being classified as 
high-income countries according to the World Economic Situation and Prospects 
(2014). 
2. This minor dissertation contributes to limited international literature by decomposing a 
gender happiness gap in a single country using a unique nationally representative 
micro-level dataset. 
3. This minor dissertation contributes to limited international literature by decomposing a 
gender happiness gap at two points in time to examine changes in the gap over time 
(similar to Madden, 2010).  
 
The contribution of this minor dissertation to the South African literature is threefold: 
                                                 
4 World Bank Development Indicators. (2018). GDP growth rate. Available at: 
https://www.google.com/publicdata/explore?ds=d5bncppjof8f9_&ctype=l&strail=false&bcs=d&nselm=h&met_
y=ny_gdp_mktp_kd_zg&scale_y=lin&ind_y=false&rdim=region&idim=country:ZAF:IRL&ifdim=region&hl=
en&dl=en&ind=false [Accessed on 18 October 2019]. 
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1. This minor dissertation is the first South African study to decompose the gender 
happiness gap. 
2. This minor dissertation is the first South African study to decompose the gender 
happiness gap at two points in time. We use two years to investigate whether the 
size and explanation for the gender happiness gap (i.e. the explained and 
unexplained component) has changed over time. 
3. This minor dissertation is the first South African study to determine the proportional 
contributions of each variable to the explained and unexplained components of the 
gender happiness gap at two points in time. This enables us to identify which 
variable contributes the most towards the explained and unexplained components 
of the gender happiness gap in the two time periods, as well as examine changes in 
the significance of each variable to the explained and unexplained components from 
2008 to 2017. 
 
1.3. Research questions and objectives of the study 
The main objective of this minor dissertation is to bridge the current gap that exists in the 
literature, by contributing to this particular field of interest in order to gain a greater 
understanding of gender differences in subjective well-being in South Africa. Our central 
research question is: Does subjective well-being differ by gender in a country which suffers 
from high levels of income inequality, such as South Africa, and if so why? To answer this, we 
pose the following research questions: (a) Which gender appears to be relatively happier, on 
average, in 2008 and 2017, respectively? (b) Are there any gender differences in the 
determinants of subjective well-being in South Africa, and are these determinants different at 
the two points in time? (c) Is there a gender happiness gap in South Africa for 2008 and 2017, 
respectively, and if so, has the size of the gender happiness gap changed over time? (d) By 
what can the gender happiness gap be explained in the two periods (i.e. the differences in 
characteristics or coefficients)? (e) Which variable contributes the most to the explained and 
unexplained components of the gender happiness gap in the two time periods? (f) Are there 
any changes in the significance of these variables to the explained and unexplained components 
from 2008 to 2017? 
 
To answer the above research questions, we develop four key research objectives which are 
limited to the context of South Africa: 
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 Firstly, identify which gender appears to be relatively happier, on average, in 2008 and 
2017, respectively. 
 Secondly, examine and compare the determinants of happiness in the two time periods 
for the subsample of males and females.  
 Thirdly, decompose the gender happiness gap, if any, in the two time periods to 
determine:  
o if there is a gender happiness gap in South Africa, and if so, whether the size of 
the gender happiness gap has changed from 2008 to 2017; 
o whether the gender happiness gap can be explained by the differences in 
characteristics or coefficients, and 
o whether the explanation for the gender happiness gap (i.e. differences in 
characteristics or coefficients) has changed over time. 
 Fourthly, determine and compare the proportional contribution of each variable to the 
explained and unexplained components of the gender happiness gap in the two time periods 
to:   
o identify which variable contributes the most to the explained and unexplained 
components of the gap in 2008 and 2017, respectively, and 
o examine changes in the significance of each variable to the explained and 
unexplained components from 2008 to 2017. 
 
1.4. Research design and methodology  
In order to examine gender differences in subjective well-being, this minor dissertation 
employs the first nationally representative household panel survey in South Africa 
implemented by the Southern Africa Labour and Development Research Unit (SALDRU). The 
National Income Dynamics Study (NIDS) is a unique nationally representative household 
survey in South Africa that incorporates questions requesting individuals to subjectively rate 
their subjective well-being in each of the waves, thus making it possible to examine changes 
in happiness over time (Kruger, 2017; Posel, 2012). 
 
In order to answer the above four research objectives, this minor dissertation uses the following 
methodology:  
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 To answer the first research objective, we use descriptive statistics to analyse and 
compare the mean life satisfaction score of males and females in South Africa for the 
years 2008 and 2017, respectively.  
 To answer the second research objective, we estimate a number of OLS and ordered 
probit models in both time periods for males and females.  
 To answer the third and fourth research objectives, we employ a linear Blinder-Oaxaca 
model to decompose the gender happiness gap in 2008 and 2017, as well as to determine 
the proportional contributions of each variable to the explained and unexplained 
components of the gender happiness gap for the years 2008 and 2017, respectively.  
 
1.5. Significance of the study  
Arguably one of the most important reasons for studying subjective well-being is the policy 
implications and decisions that consequently flow from its new discoveries. Such research 
remains highly valuable, as it allows policy-makers to develop policy interventions that are 
aimed at increasing society’s subjective well-being, and which ultimately improve the lives of 
all people around the world (Sen, 2000; Veenhoven, 2002; Helliwell, 2003; Kahneman, 
Krueger, Schkade, Schwarz & Stone, 2004; Ferrer-i-Carbonell & Frijters, 2004). Moreover, 
the benefits of happiness are far-reaching for both men and women in society (Veenhoven, 
1988). Therefore, all policy-makers must recognise the need to target issues that stretch beyond 
GDP by adopting a new economic paradigm that captures broader aspects of well-being and 
sustainable development at its core (United Nations, 2011).  
 
In addition to increasing the subjective well-being of both males and females, it is very 
important that policy addresses the issue of gender inequality in happiness. The goal of such a 
policy is to strive for higher levels of gender equality in all areas, including subjective well-
being. According to Sustainable Development Goal (SDG) 5, gender equality is a fundamental 
and basic human right that is essential to expand economic growth, enhance business 
performance and promote social development (SDG Compass, 2015).  
 
1.6. Organisation of the minor dissertation 
The rest of this minor dissertation is structured as follows: Chapter 2 examines both the 
theoretical and empirical literature on the topic of gender differences in subjective well-being. 
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Chapter 3 discusses the relevant methodologies used in this minor dissertation. In particular, it 
provides a detailed explanation of the suitable econometric models used in the analysis. As 
mentioned previously, these models include the OLS, ordered probit and Blinder-Oaxaca 
decomposition.  Chapter 4 describes the dataset and variables used. Chapter 5 discusses the 
results. Lastly, Chapter 6 concludes with the key findings and significance of this minor 
dissertation.  
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Chapter 2: Literature Review  
2.1. Introduction  
The section below provides an overview of the theoretical framework that is relevant to the 
topic of this minor dissertation. More specifically, we examine a theory related to the concept 
of subjective well-being. Next, we discuss international and domestic literature on gender 
differences in subjective well-being.  
 
2.2. Theory relating to subjective well-being  
This section explains the work of Blanchflower and Oswald (2004). In their paper, the authors 
posed the idea that there exists a reported well-being function which is influenced be a number 
of variable (for example, income, health and employment). It can be expressed as follows:  
 
 𝑟 = ℎ(𝑢(𝑦, 𝑧, 𝑡)) + 𝑒 (1) 
 
where 𝑟 represents the latent variable which is an ordinal number ranging on a numerical scale 
expressing an individual’s self-reported level of happiness (for example, 1 meaning ‘very 
dissatisfied’ with life and 10 meaning ‘very satisfied’ with life), ℎ(. ) is a continuous non-
differentiable function relating an individual’s actual well-being to their reported or subjective 
levels of well-being, 𝑢(. . ) represents an individual’s true level of happiness or utility, 𝑦 is a 
term that captures an individual’s real earnings or income, 𝑧 represents a variety of personal 
and demographic factors that are commonly used in the literature, 𝑡 is the time period under 
analysis and lastly, 𝑒 is the stochastic error term.  
 
Figure 1 below displays an individual’s well-being function by comparing their actual 
(objective) and reported (subjective) happiness levels. As can be seen, the continuous well-
being function ℎ(. ) rises in stages as an individual’s true utility 𝑢(. . ) increases, exhibiting a 
set of mounting stairs. It is critical to note here that 𝑢(. . ) is assumed to be only observable by 
the individual themselves. Hence, its structure cannot be conveyed to any other individual. The 
residual component, 𝑒, incorporates the effect of other independent variables which are not 
included in the regression equation because they may be too difficult to measure. Blanchflower 
and Oswald (2004) recognised the fact that a researcher generally distrusts the idea of having 
a single measure for a person’s subjective ‘utility’. However, they make an analogy to the time 
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when self-reported data was heavily relied on, for example before individuals had accurate 
methods of measuring a person’s height or weight.   
 
 
Figure 1: An individual’s actual and self-reported well-being function 
Source: Blanchflower & Oswald (2004) 
 
The above theory is linked specifically to our research objective 2 (i.e. to examine and compare 
the determinants of happiness in the two time periods for the subsamples of males and females) 
because the structure of equation 1 makes it suitable to estimate an ordered regression model 
(probit or logit). In this case, “actual utility” is the latent variable of subjective well-being, 
expressed as 𝑠𝑤𝑏𝑖
∗ in equation 3, and “reported well-being” is the observable dependent 
variable, expressed as 𝑠𝑤𝑏𝑖 in equation 4. The subjectivity of responses is captured in the error 
term (Blanchflower & Oswald, 2004). Thus, an ordered probit model estimates an individual’s 
true level of life satisfaction by relating the observable dependent variable (reported well-
being) to the unobserved latent variable (actual utility). 
 
2.3. Empirical literature review on gender differences in subjective well-being 
2.3.1. International literature 
Prior to the 1990s, the idea of gender differences in happiness or subjective well-being did not 
gain much interest among researchers (Matteucci & Vieira Lima, 2016). In fact, the gender 
covariate had initially only been included in previous studies to account for individual socio-
demographic differences (see for example Fujita, Diener & Sandvik, 1991; Shmotkin, 1990; 
Clemente & Sauer, 1976) and thus merely acted as an exogenous control variable for possible 
re
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gender specificities (Matteucci & Vieira Lima, 2016). The results obtained from the typical 
linear regression models (such as multiple regression analysis, multiple analysis of 
variance/covariance and correlation matrices) generally found no significant difference in the 
happiness levels of males and females, so that the role of gender was deemed to be irrelevant 
(Fujita, Diener & Sandvik, 1991; Shmotkin, 1990; Clemente & Sauer, 1976).  
 
For example, an early study on subjective well-being was one by Clemente and Sauer in 1976. 
Using data from the 1973 General Social Survey containing information on 1 347 American 
adults, the authors examined the determinants of the life satisfaction index by running a linear 
regression analysis with gender being incorporated as a control variable. According to the 
author’s results based on the zero-order correlations, the gender coefficient did not appear to 
be an important predictor of life satisfaction. However, they found race and quality of perceived 
health to be the most prominent predictors of one’s happiness.  
 
Between 1970 and 1990, a large portion of research showed no differences in happiness by 
gender (Shmotkin, 1990; Palmore & Luikart, 1972; Bradburn, 1969). Fujita, Diener and 
Sandvik (1991) gathered data from a sample of 66 women and 34 men from the University of 
Illinois to examine the gender differences in negative affect and well-being. The results from 
the linear regression revealed that women experienced more negative affect (i.e. feelings of 
depression) than men, but reported equal happiness to men. More specifically, the authors 
found that gender accounted for less than 1 percent of the variance in happiness, but over 13 
percent in affect intensity. This finding is grounded in the stereotypical belief of Western 
culture that women are more emotional than men (Fischer & Manstead, 2000).  To date, this 
stereotype of emotional expression is believed to be the core difference between males and 
females (Fabes & Martin, 1991; Fischer & Manstead, 2000).   
 
A first exception to this was Clark (1997), who examined gender differentials across eight 
different types of job satisfaction, using data from the first wave of the British Household Panel 
Survey in 1991. This study was an important development in the literature as it showed that, to 
account for the ordinal nature of the dependent variable, i.e. subjective well-being, studies 
needed to employ nonlinear models such as ordered logit or ordered probit regressions, because 
self-reported life satisfaction questions are answered on a discrete scale that increases in 
consecutive integers of 1 and ranges within a specific interval. By adopting a nonlinear ordered 
probit model, Clark (1997) was one of the first studies to confirm the existence of gender 
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differences in happiness. According to the ordered probit results, women have significantly 
higher levels of most kinds of job satisfaction than men, despite their jobs being typically worse 
in nature than those of males. The author’s preferred explanation for women’s higher 
satisfaction was the notion of relative well-being or utility, which claims that women tend to 
have lower job expectations relative to men, because their economic benefit from previous jobs 
was lower. 
 
Following Clark’s (1997) cross-sectional analysis, nonlinear regression models have been 
widely accepted as the most appropriate statistical technique in happiness research. In a 
pioneering study, Blanchflower and Oswald (2004) revealed a fascinating discovery about 
gender differences in subjective well-being over time in the United Kingdom and the United 
States of America. Using panel data from the General Social Survey of 1972-1998 and the 
Eurobarometer British Survey of 1975-1986, the authors ran several ordered logit models and 
found that men reported lower happiness than women. However, women’s happiness had 
declined over time. This discovery provoked the idea that gender differences in happiness are 
not stationary in nature, and hence can change over time. 
 
Following this finding, Stevenson and Wolfers (2009) then coined the phenomenon “the 
paradox of declining female happiness” after discovering the emergence of a new gender 
happiness gap favouring men, following the decline in female happiness, despite the fact that 
American women’s lives had improved dramatically by most objective measures. Using panel 
data from the General Social Survey for the years 1972-2006, as well as the Eurobarometer for 
the years 1973-2002, the authors ran several ordered probit regression models and confirmed 
that the subjective well-being of both American and European women had declined relative to 
men. The authors then showed that, while the subjective well-being of American women 
experienced a similar decline in absolute terms, it appeared to have risen in an absolute sense 
for European women. 
 
Succeeding the above findings, Matteucci and Vieira Lima (2016) posed the following 
questions. Firstly, is the decline in the relative happiness of females a worldwide phenomenon? 
Secondly, what are the factors causing the decline of happiness in women, or alternatively, 
which are the specific drivers of female happiness? Though these questions are not restricted 
to the South African context per se, they align with the research objectives of our study. In 
particular, the first question relates to our research objective one, which is to identify which 
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gender in South Africa appears to be relatively happier, on average, in 2008 and 2017, and to 
see if this has changed over time. The second question relates to our research objective two, 
which is to examine and compare the determinants of happiness for males and females in 2008 
and 2017, and to see if these determinants have changed over time. In the section below, we 
first review the international literature that aligns with our research objectives one and two. 
Next, we review the international literature that aligns with our research objectives three and 
four by examining studies that have decomposed the gender happiness gap using the Blinder-
Oaxaca model, as well as those that determine the proportional contributions of each variable 
to the explained and unexplained components of the gap. 
 
A recent study by Graham and Chattopadhyay (2013) used panel data from the Gallup World 
Poll for the years 2005-2011 to examine gender differences in reported well-being around the 
world. The subjective well-being measure was derived from the Cantril ladder of life/best 
possible life question contained in the survey, and which ranges on a scale of 0 to 10. The 
authors ran OLS and ordered logit models with controls to account for differences across 
countries, individuals and household socioeconomic conditions. The authors found that 
globally women continue to have higher levels of happiness than men, with the exception of 
poor countries and those with less equal gender rights. When comparing subjective well-being 
across different geographical regions, the authors show that only in Sub-Saharan Africa was 
the gender coefficient negative and statistically significant. This is a notable exception as it 
proposes that men in Sub-Saharan Africa appear to be happier than women, unlike men living 
elsewhere in the world (Graham & Chattopadhyay, 2013). 
 
Joshanloo (2018) used multi-level modelling to explore gender differences in the predictors of 
life satisfaction. Data for the study was obtained from the Gallup World Poll on 150 countries 
between 2009 -2017.  A wide range of demographic, social and psychological predictors were 
examined. The results revealed a large degree of similarity in the determinants of subjective 
well-being across gender, although nontrivial gender differences emerged. In particular, the 
largest gender difference was observed in the unemployed variable, which was the strongest 
determinant of happiness in men. This was followed by the widowed, variable which was the 
strongest predictor of happiness in women. 
 
Arrosa and Gandelman (2016) argued that although women are happier than men worldwide, 
at country level the happiness gap favours males in some case and females in others. Using 
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data from the Gallup World Poll containing information on 117 countries in 2006, the World 
Values Survey containing information on 86 countries from 1981-2008 and the European 
Social Survey containing information on 27 countries from 2002-2006, the authors examined 
differences in happiness by gender on a global scale and found the average subjective well-
being levels tend to favour women. One of the main contributions of Arrosa and Gandelman 
(2016) is that the authors investigate our third research objective by decomposing the gender 
happiness gap using the linear Blinder-Oaxaca methodology5. Based on the linear 
decomposition results, the authors found that the size of the gender happiness gap appeared to 
be larger in lower-income countries and smaller in higher-income countries. In addition, the 
authors found that in more developed countries, and countries where females have better living 
conditions, the explained component was lower and the unexplained component was higher. 
Lastly, Arrosa and Gandelman’s (2016) findings highlight the fact that at country level, gender 
happiness gaps greatly depend on the dataset used. The results for Sub-Saharan Africa show 
that, when data from the Gallup World Poll was used, the gender happiness gap was found to 
favour men, while the opposite was observed when data was used from the World Values 
Survey (i.e. the gender happiness gap favoured women). A possible reason for the inconsistent 
results is that macro-level datasets are likely to overlook important individual and country-
specific factors, especially in an extremely diverse region like Sub-Saharan Africa. Thus, a 
micro-level analysis is more beneficial as it provides rich and informative results that are 
specific to the current socioeconomic and political framework of a particular country. 
Furthermore, unlike Arrosa and Gandelman (2016), we determine the proportional 
contributions of the covariates to the explained and unexplained components of the gender 
happiness gap.  
 
A second paper that is closely related to our third research objective, is one by Boncompte and 
Paredes (2019), which studied the gender life satisfaction gap in Chile using a non-linear 
version of the Blinder-Oaxaca decomposition (as per Bauer & Sinning, 2008). Using data from 
the 2011 National Socio-Economic Characterization Survey, the authors found a significant 
gender life satisfaction gap favouring men, which could be fully explained by the differences 
in characteristics. Unlike Boncompte and Paredes (2019), we choose to use a linear 
decomposition model for the following reasons: (a) It is much more advantageous than the non-
                                                 
5 The Blinder-Oaxaca methodology is commonly used in studies to identify labour market discrimination by 
analysing the gender wage gap between males and females. See papers by Oaxaca (1973) and Blinder (1973) for 
more detail.  
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linear model, because the non-linear model does not provide a detailed decomposition of the 
proportional contributions to the explained and unexplained components of the gap, hence 
limiting the analysis. (b) The non-linear decomposition is very difficult to interpret, because 
the coefficients are derived from the ordered probit model, and hence coefficients are not 
directly interpretable such like OLS. (c) There is strong evidence, which shows that the 
estimated coefficients using OLS and ordered probit are often very similar in sign and level of 
statistical significance, and therefore many scholars prefer to report only on their OLS 
estimates due to the simplicity of interpreting and comparing the results (Ferrer-i-Carbonell & 
Frijters, 2004); (d) In our case, the overall decomposition results, based on the linear and non-
linear models, are very similar in sign and percentage contribution of the explained and 
unexplained components (as can be seen in Table 4), and therefore, as per Professor Mathias 
Sinning’s recommendation, we choose to rely primarily on the linear Blinder-Oaxaca 
deposition results.  
 
The closest paper to ours is one by Madden (2010), which used the linear Blinder-Oaxaca 
decomposition model to investigate the factors underlying gender differences in mental well-
being in Ireland for the years 1994 and 2000. Data for the study was obtained from two waves 
of the Living in Ireland Survey and the dependent variable was derived from General Health 
Questionnaire (GHQ) scores. Based on the decomposition results, the author found that the size 
of the gap in mental well-being declined over the two periods. Moreover, in both 1994 and 
2000, about two thirds of the gap is attributed to differences in characteristics, with 
employment status being the single most important factor. In contrast to Madden (2010), we 
investigate gender differences in subjective well-being using a unique nationally representative 
dataset, NIDS. Moreover, we apply their analysis to a developing, upper middle-income 
country, South Africa, which is ranked one of the unhappiest and most unequal countries in the 
world (Helliwell et al, 2019; World Bank, 2018). 
 
2.3.2. South African literature 
As mentioned previously, the South African literature on the determinants of subjective well-
being is rich and generally points to the existence of gender differences in happiness. While 
most studies found females in South Africa experience significantly lower levels of subjective 
well-being compared to males (Greyling, 2018; Ebrahim et al, 2013; Blaauw & Pretorius, 2013; 
Posel & Casale, 2011), a recent study found insignificant results (Kollamparambil, 2019). 
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Therefore, the relationship between gender and subjective well-being in South Africa is still 
contested.  
 
The closest South African study to ours is one by Posel and Casale (2015). Data for the study 
was obtained from NIDS 2008 to investigate intra-household differences in the subjective well-
being of married/cohabitating men and women. The authors estimated separate happiness 
regressions for married/cohabitating men and women, testing the significance of a wide range 
of individual and household level variables. The authors then estimated the predictors of a 
within-couple difference in subjective well-being, where the difference was calculated as 
female’s life satisfaction minus male’s life satisfaction. The authors found that for 
married/cohabitating women, life satisfaction is negatively related to the presence of young 
children in the household, but positively related with having piped water onsite. However, for 
married/cohabitating men, household services and the presence of young children had no 
significant relationship with their life satisfaction. The authors argued that this was because the 
burden of housework and childcare mainly falls on the women. The results also showed gender 
differences with regard to employment and subjective well-being. In particular, 
married/cohabitating women are happier if they are employed. According to Posel and Casale 
(2015), this suggests that women derive greater self-worth from being employed due to 
increased decision-making power within the household. On the other hand, the authors found 
that for married/cohabitating men, being employed and experiencing greater subjective well-
being seem to be derived predominantly from increased income and perceptions of a higher 
relative economic positioning.  
 
Contrary to Posel and Casale’s study (2015), we use data from NIDS 2008 and 2017 to 
investigate gender differences in subjective well-being, and to see if these differences have 
changed over time. Moreover, we do not restrict our empirical analysis to married/cohabitating 
men and women. Furthermore, and reinforced by our research objectives three and four, we 
decompose the gender happiness gap in the two time periods using the linear Blinder-Oaxaca 
decomposition model. The main advantage of this method is that the gap is decomposed into 
two parts ─ one that is attributed to group differences in the size or magnitude of the 
determinants (i.e. the differences in characteristics, otherwise known as the explained 
component) and another that is attributed to group differences in the effect of these 
determinants (i.e. the differences in coefficients, otherwise known as the unexplained 
component) (O'Donnell, van Doorslaer, Wagstaff, & Lindelow, 2007). Put simply, the 
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explained component accounts for group differences in characteristics and the unexplained 
component accounts for group differences in the “returns” to these characteristics (Madden, 
2010). While Posel and Casale (2015) calculate the differences in characteristics (i.e. female’s 
life satisfaction minus male’s life satisfaction), they disregard another important element of the 
gap, that is the part that is attributed to the differences in the “returns” on these characteristics. 
This is important because one cannot assume that males and females generate equal “returns” 
on the observed characteristics of their lives. For example, females may be less happy than 
males not only because they have lower income levels, but also because they are less equipped 
or less knowledgeable about how to obtain maximum happiness from their income.  
 
In conclusion, this minor dissertation contributes to international research by decomposing a 
gender happiness gap for a developing, upper middle-income county, which has previously not 
been done before. In addition, this minor dissertation is the first South African study to 
decompose the gender happiness gap and examine its changes at two points in time. Such an 
analysis is particularly attractive within the South African context, given that it is considered 
to be one of the most unequal and unhappiest countries in the world (Helliwell et al, 2019; 
World Bank, 2018).  
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Chapter 3: Research Methodology  
3.1. Introduction  
The methodology section provides a detailed description of the methodologies used in this 
minor dissertation. These are explained in Section 3.2., Section 3.3 and Section 3.5. Section 
3.4 specifies the relevant diagnostic tests used to screen for various issues.  
 
3.2. Methodology to answer research objective 1 - Descriptive analysis 
To identify which gender appears to be relatively happier in 2008 and 2017, respectively, we 
use descriptive statistics to analyse and compare the mean life satisfaction score of males and 
females. Complementary to this, we examine the percentage frequencies per 10-point Likert 
scale of life satisfaction for males and females in the two time periods. This enables us to 
identify which gender appears to be relatively happier, on average, in 2008 and 2017, 
respectively, as well as examine changes in how males and females in South African rate their 
life satisfaction score.   
 
3.3. Methodology to answer research objective 2 - OLS and ordered probit 
To examine and compare the determinants of happiness in the two time periods for males and 
females, we estimate a number of OLS and ordered probit models. These methods are most 
frequently used for modelling the determinants of subjective well-being in the literature (see 
papers by Greyling, 2018; Posel & Casale, 2015; Blaauw & Pretorius, 2013; MacKerron, 2012; 
Posel & Casel, 2011).  
 
In line with the above studies, we first estimate the determinants of subjective well-being for 
males and females in 2008 and 2017, respectively, using OLS. The generic OLS model is 
estimated as follows:  
 
𝑠𝑤𝑏𝑖 = 𝛽0 + 𝛽1𝑋𝑖 + 𝜀𝑖 (2) 
 
where 𝒔𝒘𝒃𝒊 represents the life satisfaction of individual i, 𝜷𝟏 is a vector of coefficients to be 
estimated, 𝑿𝒊 is a vector of demographic and socioeconomic variables, 𝜷𝟎 is the intercept and 
𝜺𝒊 is the error term capturing all variances in the dependent variable not explained by the model.  
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To estimate an ordered probit regression model, we follow the works of Long and Freese 
(2006). The structural model is estimated as follows:  
 
𝑠𝑤𝑏𝑖
∗ = 𝛽1𝑋𝑖 + 𝜀𝑖 (3) 
 
where 𝒔𝒘𝒃𝒊
∗ is the unobserved latent variable of subjective well-being captured on a 10-point 
Likert scale, 𝑿𝒊 is a vector of demographic and socioeconomic covariates, 𝜷𝟏 is a vector of 
coefficients to be estimated and 𝜷𝟎 and 𝜺𝒊 are the intercept and stochastic error terms, 
respectively.  
 
The ordered regression model is estimated by relating the observable dependent variable, which 
in this case is a discrete indicator of life satisfaction (𝒔𝒘𝒃𝒊), to the unobserved latent variable 
(𝒔𝒘𝒃𝒊
∗), representing an individual’s (i) real level of life satisfaction. Thus, the observed 
response categories are linked to the latent variable by the following measurement model:  
 
 𝑠𝑤𝑏𝑖 = 𝑚 𝑖𝑓 𝜏𝑚−1 ≤ 𝑦𝑖
∗ < 𝜏𝑚 (4) 
 for m = 1 …. J  
 
where J is the total number of ordinal categories or responses of m. Therefore, if we extend this 
to the NIDS life satisfaction question with 10 ordinal responses (m), it can be defined as 
follows:  
 
 𝑠𝑤𝑏𝑖 = 
{
 
 
 
 
 1 → 𝑉𝑒𝑟𝑦 𝑑𝑖𝑠𝑠𝑎𝑡𝑖𝑠𝑓𝑖𝑒𝑑         𝑖𝑓 𝜏0 = −∞ ≤ 𝑦𝑖
∗ < 𝜏1
⋮
⋮
⋮
10 → 𝑉𝑒𝑟𝑦 𝑠𝑎𝑡𝑖𝑠𝑓𝑖𝑒𝑑      𝑖𝑓 𝜏9 = ∞ ≤ 𝑦𝑖
∗ < 𝜏10
 (5) 
 
In line with existing studies, we include several covariates that are important predictors of 
subjective well-being in South Africa (as can be seen in Table 1). This is discussed in further 
detail in Chapter 4. Notably, this study incorporates two different dimensions, being gender 
and time. The advantage of this is that it allows us to identify which covariates have become 
more or less important in explaining the differences in the happiness of the respective gender 
groups at two points in time.   
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Given the ordinal nature of the dependent variable, ordered probit models are generally 
favoured in subjective well-being literature (Greyling, 2018), though scholars still use OLS as 
a benchmark model. This decision is grounded on the findings of Ferrer-i-Carbonell and 
Frijters (2004), which show that the estimates derived from OLS and ordered probit are usually 
very similar in sign and level of significance. The main advantage of estimating both OLS and 
ordered probit, is to check if the coefficient estimates are similar across both models. However, 
many researchers, including ourselves, choose to interpret only the OLS results (Arrosa & 
Gandelman, 2016; Montgomery, 2016; Madden, 2010), because OLS coefficients are directly 
interpretable in contrast with coefficient estimates derived from ordered probit models 
(Greyling, 2018; Ferrer-i-Carbonell & Frijters, 2004).  
 
3.4. Diagnostic tests  
In this section, we conduct tests for heteroscedasticity, multicollinearity and endogeneity to 
detect for any potential problems that require correction. A detailed explanation of each 
diagnostic test is provided below. 
 
3.4.1. Test for heteroscedasticity  
An important assumption of the classical linear regression model is that the error terms are 
homoscedastic (Gujarati & Porter, 2009). If heteroscedasticity is present and left untreated, 
then all inferences drawn will be misleading because heteroscedasticity produces non-constant 
error terms. One way to test for heteroscedasticity is by using the Breusch-Pagan test. The 
results of the Breusch-Pagan test for males and females in 2008 and 2017, respectively, are 
presented in Table 6 in the Appendix. Based on the Breusch-Pagan test results, we reject the 
null hypothesis of homoscedasticity across all models. Therefore, the presence of 
heteroscedasticity is corrected by ensuring that all estimates are computed with robust standard 
errors.  
 
3.4.2. Test for multicollinearity  
Another important assumption of the classical linear regression model is that there is no 
multicollinearity among the regressors (Gujarati & Porter, 2009). Perfect multicollinearity 
exists when there are perfect or exact linear relationships among some or all of the variables 
included in the regression model. If perfect multicollinearity exists, estimates of one or more 
regressors will be imprecise, because multicollinearity results in large standard errors so that 
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affected coefficients may fail to attain statistical significance. Moreover, multicollinearity may 
cause the sign of affected coefficients to be opposite to that expected. The test for 
multicollinearity is performed using the Variance Inflation Factors (VIF) test for the 
independent variables. The VIF shows how the variance of a variable is inflated by the presence 
of multicollinearity (Gujarati & Porter, 2009). The rule of thumb is that if the VIF of the 
regressor exceeds 10, then that variable is collinear (Gujarati & Porter, 2009). Based on these 
results, we do not find evidence of multicollinearity among our covariates. Due to space 
constraints, we only include the mean VIF results for 2008 and 2017 which are reported in 
Table 7 in the Appendix.  
 
3.4.3. Test for endogeneity 
Endogeneity refers to a situation in which a covariate is highly correlated with the error term 
(Gujarati & Porter, 2009). Causes of endogeneity include omitted variable bias, wrong 
functional form, errors-in-variables bias and simultaneous causality bias. If endogeneity exists, 
the OLS and ordered probit results will be biased. To test for potential endogeneity (specifically 
reverse causality) between income and subjective well-being, we use the Durbin–Wu–
Hausman test with the null hypothesis that the regressor is not endogenous, or alternatively, is 
exogenous. The results of the Durbin-Wu-Hausman are reported at the end of Table 3. Based 
on these results, we do not reject the null hypothesis. Therefore, the regressor income is 
exogenous.  
 
3.5. Methodology to answer research objective 3 - Blinder-Oaxaca decomposition 
To decompose the gender happiness gap in the two time periods, as well as determine the 
proportional contributions of each variable to the explained and unexplained components of 
the gender happiness gap, we make use of a linear Blinder-Oaxaca decomposition model. The 
Blinder-Oaxaca decomposition model is commonly used in studies to identify labour market 
discrimination by analysing the wage gap between two groups, for example genders or races. 
Converse to these studies that focus on wage differentials, this minor dissertation regresses the 
self-reported subjective well-being ratings on a number of covariates that are well-known 
determinants of subjective well-being in happiness literature.  
 
Other approaches used in the literature, such as those of Machado and Mata (2005); Albrecht, 
Bjorklund and Vroman (2003); and Melly (2005), permit the decomposition of changes in the 
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outcome differentials into an explained and unexplained component at different quantiles of 
the distribution. However, the Blinder-Oaxaca (1973) technique is the most suitable model for 
our analysis, as it decomposes changes in the mean outcome differentials into an explained and 
unexplained component over the entire distribution.   
 
The Blinder-Oaxaca decomposition stems from a linear OLS regression equation and is defined 
as follows:  
 
 𝑠𝑤𝑏𝑚 = 𝛽0 + 𝛽𝑚𝑋𝑚 + 𝜀𝑚 (6.1) 
 𝑠𝑤𝑏𝑓 = 𝛽0 + 𝛽𝑓𝑋𝑓 + 𝜀𝑓   (6.2) 
 
where 𝒔𝒘𝒃𝒎 and 𝒔𝒘𝒃𝒇 denote the outcome variable, which is the self-reported subjective 
well-being of males and females, respectively. 𝜷𝒎 and 𝜷𝒇 are the vector of parameters to be 
estimated. 𝑿𝒎 and 𝑿𝒇 are a vector of covariates and 𝜺 is the error term that follows a normal 
distribution (0, 𝜎𝜀).  
 
The gender happiness gap is then calculated as the difference in mean outcomes between males 
and females. It can therefore be defined as the following:  
 
 𝑠𝑤𝑏̅̅ ̅̅ ̅𝑚 − 𝑠𝑤𝑏̅̅ ̅̅ ?̅? = (?̅?𝑚)?̂?1 − (?̅?𝑓)?̂?𝑓 (6.3) 
 
where 𝒔𝒘𝒃̅̅ ̅̅ ̅̅  represents the average expected level of happiness for males and females and is 
equal to the difference in the mean vector of parameters (?̅?) and the estimated returns (?̂?) for 
both groups. To decompose the gender happiness gap into two components, we can rewrite 
equation 6.3 as follows:  
 
𝑠𝑤𝑏̅̅ ̅̅ ̅𝑚 − 𝑠𝑤𝑏̅̅ ̅̅ ?̅? = (?̅?𝑚 − ?̅?𝑓)
′
?̂?𝑚⏟        
∆𝑋
+ ?̅?𝑓
′(?̂?𝑚 − ?̂?𝑓)⏟        
∆𝛽
 (6.4) 
 
The first term to the right of the equals sign is considered to be the explained component (∆𝑿), 
while the second term is regarded as the unexplained component (∆𝜷). The former is 
commonly referred to as the endowment effect (i.e. differences in characteristics) and the latter 
the coefficient effect (i.e. differences in coefficients). The main advantage of decomposing the 
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gender happiness gap using the Blinder-Oaxaca model, is that it allows us to determine what 
portion of the gender happiness gap is attributed to group differences in observed 
characteristics and what portion is attributed to group differences in the “returns” to these 
characteristics. This is important because one cannot assume that males and females generate 
equal “returns” to the observed characteristics of their lives. Note that decomposition results 
will be sensitive to the group that is assumed to be the norm, i.e. the reference group (Madden, 
2010), which in our case is males because they are assumed to have higher levels of subjective 
well-being. 
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Chapter 4: Data and Descriptive Statistics 
4.1. Introduction  
This section is structured as follows: Section 4.2 and 4.3 describes the dataset and variables 
used in the empirical analysis. Section 4.4 presents the descriptive statistics of the selected 
variables. 
 
4.2. Data  
In order to examine and decompose gender differences in subjective well-being, this minor 
dissertation employs the first nationally representative household panel survey in South Africa, 
implemented by the SALDRU. A stratified, two-stage cluster sample design was employed for 
the sampling of households (SALDRU, 2008). The first wave of NIDS began in 2008 with a 
sample of over 28 000 individuals in 7 300 households from across the country. Since then the 
survey has been repeated with the same households every two years. More recently, Wave 5 
consists of about 47 000 individuals in 13 000 households.  
 
As mentioned in the introduction, we use the first and the most recent waves of the NIDS 
dataset conducted in 2008 and 2017, respectively. The nine-year time span allows us to 
examine changes in the subjective well-being of males and females post 2008 Global Financial 
Crisis. This dataset is particularly well-suited to studying subjective well-being because, in 
addition to asking respondents to report on their own life satisfaction, it also obtains rich 
information on a wide range of demographic and socioeconomic variables that are important 
predictors of happiness, such as income, employment status, education and so on (SALDRU, 
2008; 2017). Moreover, the combination of demographic, economic and subjective information 
is ideal, because it allows for a comprehensive study of the relationship between happiness and 
a broad range of pecuniary and non-pecuniary factors. 
 
4.3. Selection of variables 
In this next section, we explain the dependent variable and covariates used in this study. Based 
on the literature, a number of covariates are included in the empirical analysis of the study (see 
section 4.3.2.1 to section 4.3.2.13.). These variables relate to a household’s location, as well as 
other socioeconomic and demographic characteristics such as: age, income, relative income, 
24 
 
relative economic positioning, trust, race, relationship status, health, education, employment, 
religion, electricity, toilet and geo-type. Table 1 describes the variables used in this study. 
 
Table 1: Description of variables used 
Variable name  Type  Description  
Dependent Variable:  
SWB  Ordinal Respondent’s self-reported level of life satisfaction 
Covariates:  
Age  Continuous Age of respondent in years 
Age2 Continuous Age-squared 
Income (log) Continuous Log of real monthly household income per capita 
Relative income Dummy 1=Respondent classifies their income as average or 
above average, 0=Otherwise 
Relative economic 
position 
Dummy 1=Respondent’s relative economic position is 
perceived to be upper half, 0=Otherwise 
Trusting Dummy 1=Respondent trusts neighbours, 0=Otherwise 
Race Categorical 1=Respondent is mixed race,  
2=Respondent is Asian/Indian,  
3=Respondent is White,  
0=Otherwise 
Relationship status Dummy 1=Respondent is in a relationship, 0=Otherwise 
Health status Categorical 1=Respondent’s health is perceived to be fair,  
2=Respondent’s health is perceived to be good,  
3=Respondent’s health is perceived to be very good,  
4=Respondent’s health is perceived to be excellent, 
0=Otherwise 
Educational 
attainment 
Categorical 1=Respondent has primary education,  
2=Respondent has secondary education,  
3=Respondent has tertiary education or above, 
0=Otherwise 
Employment status Categorical 1=Respondent is unemployed,  
2=Respondent is employed, 0=Otherwise 
Religious Dummy 1=Respondent is religious, 0=Otherwise 
Electricity Dummy 1=Household has electricity, 0=Otherwise 
Toilet Dummy 1=Household has flushing toilet, 0=Otherwise 
Urban Dummy 1=Household resides in urban area, 0=Otherwise 
 
4.3.1. Dependent variable 
4.3.1.1. Subjective well-being 
The NIDS adult questionnaire asks all respondents aged 15 years and older to report on their 
current level of happiness by answering the following question: “Using a scale of 1 to 10 where 
1 means “very dissatisfied” and 10 means “very satisfied”, how do you feel about your life as 
a whole right now?” This question forms the foundation of our empirical analysis. The 
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subjective well-being variable contained in the NIDS dataset is deemed to be representative to 
suit the South African economy because in 2008 and 2017, 97.9 percent (15310 out of 15631 
successful adult observations) and 99.9 percent (23874 out of 23892 successful adult 
observations) of respondents aged 15 years and older, respectively, answered the life 
satisfaction question.  
 
4.3.2. Covariates 
4.3.2.1. Age  
Age is a continuous variable relating to the age of a household head in years. We also include 
an age-squared variable to test for non-linearity or convexity in the link between age and 
happiness. This variable (Age2) is calculated by simply squaring the age variable.  
 
Empirical literature has found a U-shaped relationship between age and happiness 
(Blanchflower & Oswald, 2004, 2008; Clark & Oswald, 2006; Ferrer‐i‐Carbonell, & Frijters, 
2004; Helliwell, 2003; Winkelmann & Winkelmann, 1998). This means that initially an 
individual’s subjective well-being levels decrease as they get older. Eventually, subjective 
well-being levels reach a minimum at a certain age. However, above that age, increases in age 
correspond with increases in happiness. 
 
The U-shaped relationship between age and happiness is also commonly found in the South 
African literature (Kollamparambil, 2019; Greyling, 2018; Blaauw & Pretorius, 2013; 
Powdthavee, 2003). Blaauw and Pretorius (2013) found the age-happiness turning point to be 
around the age of 49 years. Powdthavee (2003) used data from the 1993 SALDRU to examine 
subjective well-being in South Africa. The author’s results conformed to the international 
literature in that age was U-shaped. 
 
4.3.2.2. Income (log) 
Income (log) is a continuous variable depicting the log of real household monthly income per 
capita with full imputations. In order to express this variable in per capita terms, we divide it 
by the size of each household and then we take its log to correct for the typical skew distribution 
of income that is evident in South Africa (Blaau & Pretorius, 2013).  
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According to empirical studies, a strong positive correlation between subjective well-being and 
absolute income levels exists (Blaauw & Pretorius, 2013). In South Africa, the positive impact 
of household income on happiness has been well-documented in several studies 
(Kollamparambil, 2019; Greyling, 2018; Blaauw & Pretorius, 2013; Posel & Casale 2011; 
Hinks & Gruen 2007). This positive relationship is considered to be one of the most established 
stylised facts in happiness literature (Blaauw & Pretorius, 2013; Ebrahim et al, 2013; Hirata, 
2011).  
 
4.3.2.3. Relative income 
Relative income is a dummy variable, where 1 is respondents who perceive their income to be 
average or above average, and 0 is respondents who perceive their income to be below average. 
It is derived from the NIDS questionnaire by asking adult respondents to answer the following 
question: compared with other households in your village/suburb, would you classify your 
household income as above average, average, below average or much below average. In our 
analysis, we group the answers into two categories, those being respondents that perceive their 
income to be below average (i.e. “much below average” or “below average” income) and 
respondents that perceive their income to be average and above average (i.e. “above average” 
or “average” income). 
 
A number of studies have found that relative income, as well as absolute income, are critical 
in determining one’s happiness (Kingdon & Knight, 2007; 2006; Ferrer-i-Carbonell, 2005; 
Blanchflower & Oswald, 2004). This is because people tend to make judgements about their 
individual subjective well-being by comparing it to the average levels of subjective well-being 
in a society (Easterlin, 1995). The finding holds in a number of South African studies 
(Kollamparambil, 2019; Posel & Casale, 2011; Bookwalter & Dalenberg, 2010). 
 
4.3.2.4. Relative economic positioning  
Relative economic positioning is a dummy variable, where 1 is respondents whose income step 
is perceived to be on the upper half of the ladder rungs (i.e. ladder rung 4, 5 or 6), and 0 is 
respondents whose income step is perceived to be on the lower half of the ladder rungs (i.e. 
ladder rung 1, 2 or 3). The variable is obtained in the NIDS questionnaire by asking adult 
respondents to imagine a six-step ladder, where the poorest people in South Africa are on the 
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bottom step (1) and the richest people are on the top step (6). The questionnaire then asks 
respondents “On which step are you today?”  
 
In a South African study, Posel and Casale (2011) highlight the significance of relative 
economic positioning in South Africa. The authors found that an individual’s perceived 
economic status had a significantly larger effect on subjective well-being than other objective 
measures of relative status based on reported income. 
 
4.3.2.5. Trust 
Trust is a binary variable, where 1 is respondents who trust their neighbours (“very likely” or 
“somewhat likely”), and 0 is respondents who do not trust their neighbours (“not likely at all”). 
In the NIDS adult questionnaire, respondents are asked to answer the following question: 
“Imagine you lost a wallet or purse that contained R200 and it was found by someone who 
lives close by. Is it very likely, somewhat likely or not likely at all to be returned with the 
money in it?”  
 
A number of international and domestic studies have found that trust is positively associated 
with subjective well-being (Helliwell, Huang & Wang, 2014; Helliwell & Wang, 2011; Posel 
& Casale, 2011; Chang 2009; Bjørnskov, 2008; Helliwell & Putnam 2004; Helliwell, 2003).  
 
4.3.2.6. Race  
Race is a categorical variable, where 1 is respondents who are of mixed race, 2 is respondents 
who are Asian/Indian, 3 is respondents who are White and 0 is respondents who are African.  
 
According to the South African literature, Africans have repeatedly been found to have the 
lowest levels of reported subjective well-being than other race groups (Kollamparambil, 2019; 
Greyling, 2018; Greyling & Tregenna, 2016; Blaauw & Pretorius, 2013; Posel & Casale, 2011; 
Hinks & Gruen, 2007; Møller, 1998). This confirms a distinct racial divide in terms of 
subjective well-being in South Africa. 
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4.3.2.7. Relationship status  
Relationship status is a dummy variable, where 1 is respondents who are in a relationship 
(“married” or “living with partner”), and 0 is respondents who are single (“widowed”, 
“divorced” or “never married”).  
 
Being in a relationship is positively related to subjective well-being (see international studies 
by Diener Suh, Lucas, & Smith, 1999; Helliwell, 2003 and South Africa studies by Greyling 
2018, Blaauw & Pretorius, 2013). Empirical research has found that these people are happier, 
healthier and live longer compared to those who are single, separated, divorced or widowed 
(Lawrence, Rogers, Zajacova & Wadsworth, 2019; Montgomery, 2016; Graham & 
Chattopadhyay, 2013; Dupre, Beck & Meadows, 2009; Blanchflower & Oswald, 2004; Diener 
et al, 1999).  
 
4.3.2.8. Health status  
Health status is a categorical variable, where 1 is respondents who are perceived to have “fair” 
health, 2 is respondents who are perceived to have “good” health, 3 is respondents who are 
perceived to have “very good” health, 4 is respondents who are perceived to have “excellent” 
health, and 0 is respondents who are perceived to have “poor” health. This variable is derived 
from the NIDS adult questionnaire which asks respondents the following: “How would you 
describe your health at present? Would you say it is excellent, very good, good, fair, or poor?”  
 
The relationship between health and subjective well-being is inconsistent in the South African 
literature. Blaauw and Pretorius (2013) found that taller or healthier South Africans were not 
happier, though their subjective well-being increased with higher BMI levels. In contrast, Posel 
and Casale (2015) and Kollamparambil (2019) found that individuals with a better self-
assessed health status reported higher levels of life satisfaction. 
 
4.3.2.9. Educational attainment 
Educational attainment is a categorical variable, where 1 is respondents with primary education 
(Grade 1-7), 2 is respondents with secondary education (Grade 8-12), 3 is respondents with 
tertiary education or above (bachelor’s degree and above), and 0 is respondents with no 
schooling.  
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In general, it is believed that more educated people have higher standards of living, because 
they have improved access to healthcare, higher probabilities to find work, larger potential 
earnings and greater opportunities (Giambona, Porcu & Sulis, 2014). While some international 
and South African studies have found that a strong link between education and subjective well-
being exists (Blaau & Pretorius, 2013; Akay, Bargain, & Zimmermann, 2012; Oswald & 
Powdthavee, 2008), others have found almost no relationship at all (Greyling, 2018; Helliwell, 
2003; Fuentes & Rojas, 2000; Fisher, 1979; Steel, 1977; Witter, Okun, Stock & Haring, 1984).  
 
4.3.2.10. Employment status 
Employment status is a categorical variable, where 1 is respondents who are unemployed 
(“unemployed strict” and “unemployed discouraged”), 2 is respondents who are “employed”, 
and 0 is respondents who are “not economically active”.  
 
A number of studies have shown that unemployment is detrimental to subjective well-being 
(Shields & Price, 2005; Blanchflower & Oswald, 2004; Helliwell, 2003; Clark & Oswald, 
1994; Jahoda, 1982). Moreover, employment is generally believed to be a key determinant of 
subjective well-being, because it provides an income, fulfils various psychological needs, and 
therefore has a positive impact on happiness levels (Stam, Sieben, Verbakel & de Graaf, 2016; 
van der Meer, 2014). Contrary to this, a South African study by Morton, van Rooyen, Venter 
& Andersson (2018) found that employment status did not have a statistically significant 
relationship with subjective well-being.  
 
4.3.2.11. Religious 
Religious is a dummy variable, where 1 is respondents whose religion is perceived to be 
important (“important” and “very important”), and 0 is respondents whose religion is perceived 
to be unimportant (“unimportant” and “not important at all”). This variable is obtained in the 
NIDS adult questionnaire by asking respondents to rank the importance of religious activities 
in their lives.  
 
International research has shown that people who regard religion as important, report higher 
levels of subjective well-being (Diener, Tay & Myers, 2011; Lim & Putnam, 2010; Hackney 
& Sanders, 2003; Oishi & Diener, 2014). This is consistent with the South African literature 
(Kollamparambil, 2019; Blaauw & Pretorius, 2013; Posel & Casale, 2011).  
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4.3.2.12. Household services (proxied by electricity and having a flushing toilet) 
Electricity is a binary variable taking the value of 1 if households have access to electricity, 
and 0 if households do not have access to electricity. A toilet is a binary variable, where 1 is 
households with a flushing toilet (with “onsite/offsite disposal”), and 0 is households without 
a flushing toilet (“chemical toilet”, “pit latrine with/without ventilation pipe”, “bucket toilet”, 
“none” or “other”).  
 
The relationship between household services and subjective well-being in the South African 
literature is mixed. Posel and Casale (2011) found that subjective well-being was significantly 
lower in households without a flushing toilet, while Kollamparambil (2019) found mixed 
results. However, the author found the electricity variable to be positive and statistically 
significant across all models. 
 
4.3.2.13. Geo-type  
Geo-type is a dummy variable, where 1 is households residing in “urban” areas, and 0 is 
households residing in rural areas (“traditional” or “farm areas”).  
 
The international and domestic research on subjective well-being has shown that there are 
geographical differences in happiness (Rentfrow, 2018). In particular, urbanisation has been 
found to have a significant negative effect on subjective well-being (Mulcahy & 
Kollamparambil, 2016; Blaauw & Pretorius, 2013; Knight & Gunatilaka, 2010; 2012). 
Mulcahy and Kollamparambil (2016) attributed this finding to misguided and incomplete 
information as rural-urban migrants leave the rural areas with a different expectation of life in 
the urban cities.  
 
4.4. Descriptive statistics of the selected variables 
This section presents the descriptive statistics of the selected variables for the pooled sample, 
males and females in 2008 and 2017, respectively, and is summarised in Table 2 below. As can 
be seen, more than three quarters of respondents surveyed in NIDS 2008 and 2017 were African 
(79 and 80 percent, respectively); 62 percent and 76 percent of respondents had an education 
of above primary level in 2008 and 2017 respectively, and the majority of households had 
access to electricity in both sample years (78 percent in 2008 and 88 percent in 2017). Notably, 
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only 1 percent and 2 percent of respondents surveyed in NIDS 2008 and 2017 were 
Asian/Indian. Therefore, it is important to stress that any estimates based on this racial group 
must be treated with the utmost caution due to underrepresentation. 
 
Unsurprisingly, a variable that reflects significant gender differences in both time periods is 
income. In particular, males receive considerably higher levels of real monthly income per 
capita, on average, than their female counterparts in both sample years (by 13 percent in 2008 
and 11 percent in 2017). Surprising however, men rate their relative income and relative 
economic position very similar to that of women. More specifically, in 2008 and 2017, males 
rate their relative income to be merely 3 percentage points and 2 percentage points higher than 
that of females, respectively. Along the same lines, in 2008 14 percent of males and 13 percent 
of females rate their perceived economic positioning to be average or above average. Notably, 
the difference in the average age of men and women surveyed in NIDS 2008 and 2017 is three 
and four years, respectively.   
 
Gender differences also seem to emerge in terms of perceived health status, as we find that a 
larger percentage of males report having excellent health in comparison to females in both 2008 
and 2017 (by 31 percent in 2008 and 21 percent in 2017). As expected, and in line with Posel 
and Casale’s (2015) findings, men are much more likely to be employed than women in both 
sample years (by 45 percent in 2008 and 39 percent in 2017). While in 2008, women are much 
more likely to be not economically active (by 27 percent). This improved considerably in 2017, 
as women are only 8 percent more likely to be not economically active than men. Interestingly, 
in 2017, 13 percent of males and females are unemployed. Lastly, we see that females attach a 
greater importance to religion than males (by 13 percent in 2008 and 12 percent in 2017).  
 
Table 2: Descriptive statistics of the selected variables6 
  2008 2017 
 
Pooled 
Sample Male Female 
Pooled 
Sample Male Female 
  N= 15310 N= 6166 N= 9144 N= 23874 N= 9756 N= 14101 
 
Mea
n/ Std.  
Mea
n/ Std.  
Mea
n/ Std.  
Mea
n/ Std.  
Mea
n/ Std.  
Mea
n/ Std.  
 Freq. Dev. Freq. Dev. Freq. Dev. Freq. Dev. Freq. Dev. Freq. Dev. 
Variables             
Age 38 17.9 36 17.4 39 18.1 38 17.6 35 16.8 39 18.0 
Income (log) 2.03 1.13 2.18 1.17 1.93 1.10 2.44 1.08 2.60 1.11 2.34 1.05 
                                                 
6 These are the unweighted results. Please note that the weighted and unweighted descriptive statistics are very 
similar. Weighted descriptive statistics are available upon request. 
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Relative income 0.46 0.50 0.48 0.50 0.45 0.50 0.57 0.50 0.58 0.49 0.56 0.50 
Rel. eco. Position 0.13 0.34 0.14 0.34 0.13 0.33 0.17 0.37 0.17 0.38 0.16 0.37 
Trust        
Not trusting 0,77 0,42 0,76 0,43 0,77 0,42 0,66 0,47 0,66 0,47 0,66 0,47 
Trusting 0.23 0.42 0.24 0.43 0.23 0.42 0.34 0.47 0.34 0.47 0.34 0.47 
Race        
African 0.79 0.41 0.78 0.41 0.79 0.41 0.80 0.40 0.79 0.41 0.81 0.40 
Mixed race 0.14 0.35 0.14 0.35 0.14 0.35 0.13 0.34 0.14 0.34 0.13 0.34 
Asian/Indian 0.01 0.12 0.01 0.12 0.01 0.12 0.02 0.13 0.02 0.13 0.02 0.12 
White 0.06 0.23 0.07 0.25 0.05 0.23 0.05 0.22 0.05 0.23 0.05 0.21 
Relationship status        
Single 0,63 0,48 0,60 0,49 0,65 0,48 0,67 0,47 0,65 0,48 0,69 0,46 
In relationship 0.37 0.48 0.40 0.49 0.35 0.48 0.32 0.47 0.34 0.47 0.31 0.46 
Health status        
Poor health 0.08 0.27 0.07 0.25 0.09 0.29 0.03 0.16 0.02 0.14 0.03 0.18 
Fair health 0.13 0.34 0.11 0.31 0.15 0.36 0.09 0.28 0.07 0.26 0.10 0.30 
Good health 0.24 0.43 0.22 0.41 0.26 0.44 0.27 0.44 0.25 0.43 0.29 0.45 
Very good health 0.25 0.43 0.27 0.44 0.24 0.43 0.31 0.46 0.32 0.47 0.31 0.46 
Excellent health 0.29 0.45 0.34 0.47 0.26 0.44 0.30 0.46 0.34 0.48 0.28 0.45 
Educational attainment       
No schooling 0.19 0.39 0.18 0.38 0.19 0.39 0.27 0.44 0.27 0.44 0.27 0.44 
Primary education 0.24 0.43 0.25 0.43 0.24 0.43 0.17 0.37 0.16 0.37 0.17 0.38 
Secondary 
education 0.60 0.49 0.62 0.49 0.59 0.49 0.72 0.45 0.75 0.43 0.71 0.46 
Tertiary education 0.02 0.15 0.02 0.15 0.02 0.15 0.04 0.19 0.04 0.20 0.04 0.19 
Employment status        
Not economically 
active 0.43 0.50 0.37 0.48 0.47 0.50 0.49 0.50 0.42 0.49 0.54 0.50 
Unemployed 0.18 0.39 0.15 0.35 0.21 0.40 0.13 0.34 0.13 0.33 0.13 0.34 
Employed 0.39 0.49 0.48 0.50 0.33 0.47 0.38 0.49 0.46 0.50 0.33 0.47 
Religious 0.88 0.32 0.82 0.38 0.93 0.26 0.90 0.30 0.84 0.36 0.94 0.24 
Electricity 0.78 0.42 0.79 0.41 0.77 0.42 0.88 0.33 0.88 0.33 0.88 0.33 
Toilet 0.47 0.50 0.49 0.50 0.45 0.50 0.52 0.50 0.54 0.50 0.50 0.50 
Geo-type        
Rural 0.45 0.50 0.47 0.50 0.44 0.50 0.53 0.50 0.54 0.50 0.51 0.50 
Urban 0.49 0.50 0.51 0.50 0.48 0.50 0.54 0.50 0.56 0.50 0.52 0.50 
Source: Authors calculations using NIDS Wave 1 and Wave 5  
 
From the descriptive statistics, we see that gender differences seem to emerge across a number 
of covariates. In particular, in 2008, we find that males are more likely to be employed, rank 
their perceived health status as excellent, and receive higher levels of income than females (by 
45 percent, 31 percent and 13 percent, respectively). Over the same period, females are more 
likely to be not economically active and attach a greater importance to religion than males (by 
27 percent and 13 percent, respectively). In 2017, we see that slight progress was made in 
reducing these gender differences. Despite this progress however, males continue to be 
33 
 
advantaged in that they are more likely to be employed, rank their perceived health status as 
excellent, and receive higher levels of income in comparison to their female counterparts (by 
39 percent, 21 percent and 11 percent, respectively).  
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Chapter 5: Empirical Results 
5.1. Introduction  
The empirical results section addresses our four main research objectives and is structured as 
follows: Section 5.2 identifies which gender group is relatively happier in 2008 and 2017. 
Section 5.3 examines the determinants of happiness for males and females in the two time 
periods. Section 5.4 decomposes the gender happiness gap into the explained and unexplained 
components for the two time periods and examines changes over time. In addition, it presents 
the detailed decomposition results of the individual covariates to the explained and unexplained 
components of the gap for both sample years. 
 
5.2. Descriptive analysis 
To address our first research objective, we compare the mean life satisfaction scores by gender 
and year. Figure 2 presents the mean7 life satisfaction scores by gender and year. Regardless 
of its simplicity, the figure provides meaningful results as it shows that in 2008 males report a 
significantly higher mean life satisfaction score than females (specifically, 5.50 for males and 
5.35 for females). More specifically, the average life satisfaction score is 3 percent higher for 
men than women over this period. This finding is in line with Ebrahim et al. (2013), Blaauw 
and Pretorius (2013), Posel and Casale (2011). Notably, in 2017, the mean life satisfaction 
score appears to be very similar for males and females (specifically, 5.59 for males and 5.56 
for females). Moreover, the average life satisfaction score is 0.5 percent higher for men than 
women. Furthermore, the difference in the mean life satisfaction score between males and 
females is no longer statistically significant.  
 
  
 
                                                 
7 Strictly speaking, subjective well-being cannot have a mean value because it is a discrete and ordinal variable, 
and hence, it can only have a modal class (i.e. level of life satisfaction that appears most frequent/often which is 
discussed and elaborated on in Figure 3). Despite this, we choose to include the mean life satisfaction scores as 
they present a different picture to that shown in the Figure 3. 
35 
 
 
Figure 2: Mean life satisfaction score by gender and year 
Source: Author’s calculations using NIDS Wave 1 and Wave 5 
  
Therefore, the difference in the mean life satisfaction scores between genders narrowed due to 
women’s scores increasing at a relatively faster rate than the increase in men’s scores over the 
two periods. In particular, there is a 3.9 percent growth rate in the mean life satisfaction scores 
of females, while only a 1.6 percent growth rate in the mean life satisfaction scores of males. 
 
Figure 3 displays the distribution of the subjective well-being variable by gender and year in 
South Africa. In addition, a table of the life satisfaction scores (expressed in percentage 
frequencies) is summarized for both males and females in 2008 and 2017, respectively. In line 
with a number of South African studies that employed the NIDS dataset (see for example 
Kruger, 2017; Posel & Casale, 2015; Blaauw & Pretorius, 2013), the distribution of subjective 
well-being depicts a Bell-curve shape with the highest frequency of observations being 
clustered around the modal class. Moreover, the distribution appears to have an interesting tail 
at the highest and lowest life satisfaction scores of 10 and 1, respectively. This finding is 
consistent with other South African studies on subjective well-being (see for example Posel & 
Casale, 2015; Blauuw & Pretorius, 2013; Kruger, 2017).  
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Figure 3: Subjective well-being by gender and year (frequency %) 
Source: Author’s calculations using NIDS Wave 1 and Wave 5 
 
In both 2008 and 2017, as well as across both gender groups, the modal level of satisfaction 
with life is 5. More specifically, 26 percent of males and 27 percent of females reported a 
satisfaction level of 5 in 2008. In 2017, the percentage of males and females reporting a life 
satisfaction score of 5 fell substantially to 17 percent and 18 percent, respectively. This 
suggests that overall there has been a declining trend in the percentages of both males and 
females reporting a life satisfaction score of 5. On the other hand, the percentage of males and 
females who report a life satisfaction score of 2, 3, 6, 7, 8, 9 and 10 rose over the same period. 
It is interesting to see that in 2008, a larger percentage of women report a life satisfaction score 
of 5 and below, whereas a larger percentage of men report a life satisfaction score of 6 and 
above. A similar trend appears in 2017. However, there seems to be an exception with more 
men reporting a life satisfaction score of 1 and more women reporting a life satisfaction score 
of 9. 
 
5.3. OLS and ordered probit results 
To investigate the determinants of subjective well-being for males and females, respectively, 
we use OLS and ordered probit regressions. First, we run the benchmark OLS regressions (as 
defined by equation 2), followed by the ordered probit regressions (as defined by equation 3). 
Table 3 presents the regressions results for the pooled sample, males and females in 2008 and 
1 2 3 4 5 6 7 8 9 10
2008 Male 6,52% 4,36% 7,51% 11,29% 26,14% 12,62% 11,14% 8,98% 3,18% 8,25%
2008 Female 6,58% 4,72% 8,48% 12,75% 27,47% 11,13% 10,23% 8,19% 2,79% 7,66%
2017 Male 4,98% 6,68% 9,27% 13,33% 16,93% 13,34% 12,04% 9,94% 3,72% 9,77%
2017 Female 4,71% 6,91% 9,93% 12,58% 17,86% 13,18% 12,13% 9,44% 3,75% 9,52%
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2017, respectively8. In the section below, we begin by answering our second research question, 
that is, whether there are any gender differences in the determinants of subjective well-being 
in South Africa and, if so, are these determinants different at the two points in time. Succeeding 
this, we report on the determinants that did not differ by gender. 
 
Before we begin answering our second research objective, three main findings emerge: Firstly, 
all the models are statistically significant (Prob>chi2 = 0.00). Secondly, across all models the 
R2/Pseudo R2 values are relatively low, though similar to those found in subjective well-being 
literature (Greyling, 2018).  Thirdly, the sign and statistical significance of the covariates from 
the OLS regressions are very similar to the ordered probit regressions (Ferrer-i-Carbonell & 
Frijters, 2004). It is for this reason that many researchers, including ourselves, have chosen to 
interpret only the OLS results as they are directly interpretable (Arrosa & Gandelman, 2016; 
Montgomery, 2016; Madden, 2010), though we do include the ordered probit results as a 
robustness check of the OLS results. 
 
In answering the second research objective, our OLS results suggest that a number of predictors 
differ by gender and year, specifically being in a relationship, household geo-type and 
education. In 2008, being in a relationship (i.e. married or living with a partner) has a significant 
positive relationship with the subjective well-being of females; however, not a statistically 
significant relationship for males (Botha & Booysen, 2013). This finding is a clear reflection 
of gender differences as it implies that in the past men did not place as much importance or 
value on their relationship status as did women (Diener et al, 1999). Though, more recently, 
we see that being in a relationship is a significant predictor of subjective well-being for both 
gender groups. This finding is consistent with Dupre, Beck and Meadows (2009) who argued 
that people who are married or living with a partner are happier in comparison to those who 
are single, separated, divorced or widowed.  
 
Typically, the relationship between household geo-type and subjective well-being is found to 
be negative and statistically significant in South African literature (Posel & Casale, 2015; 
Blaauw & Pretorius, 2013).  Mulcahy and Kollamparambil (p.1357, 2016) argue that this is as 
a result of “false expectations and the change in relative groups used to peg aspirations as well 
                                                 
8 We limit our discussion to comparing the coefficient estimates of males and females, bearing in mind that the 
coefficient estimates for the pooled sample will lie in-between the two subsamples. 
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as the emotional costs of being away from family and a home environment.” Surprisingly, the 
results from our estimates find the urban coefficient to be negative and statistically significant 
only for females in 2017. This suggests that females in urban areas report lower levels of 
subjective well-being compared to females in rural areas. A possible explanation is that rapid 
urbanisation is linked to increased crime rates and women are more likely to fall victim to 
gender-based violence (Statistics South Africa, 2012). 
 
In 2008, all educational attainment variables appear statistically significant for females, but not 
for males. This suggests that females with a primary, secondary or tertiary education report 
significantly higher levels of life satisfaction compared to females with no schooling. The fact 
that the education variables do not appear to be significant for males is resemblant of the gender 
inequalities that exist within education. In 2017, the relationship between educational 
attainment and subjective well-being is unclear and no longer statistically significant. This 
finding is consistent with a number of South Africa studies by Greyling (2018) and Posel and 
Casale (2015). However, it differs from other studies which have found a positive relationship 
between education and subjective well-being (Kollamparambil, 2019; Powdthavee, 2003). As 
a result of these contradicting findings, it appears that the relationship between educational 
attainment and subjective well-being in South Africa is still contested. 
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Table 3: OLS and ordered probit regressions of subjective well-being, 2008 and 2017 
2008 2017 
 OLS  
 
Ordered probit OLS Ordered probit 
  
Pooled 
sample Males  Females 
Pooled 
sample Males  Females  
Pooled 
sample Males Females 
Pooled 
sample Males Females 
Age  -0.03***  -0.03***  -0.03***  -0.02***  -0.02***  -0.02***  -0.04***  -0.06***  -0.04***  -0.02***  -0.03***  -0.02*** 
 (0.01) (0.01) (0.01) (0.00) (0.01) (0.00) (0.01) (0.01) (0.01) (0.00) (0.00) (0.00) 
Age2/100 0.04*** 0.04*** 0.04*** 0.02*** 0.02*** 0.02*** 0.05*** 0.07*** 0.04*** 0.02*** 0.03*** 0.02*** 
 (0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00) 
Income (log) 0.11*** 0.11*** 0.10*** 0.05*** 0.05*** 0.05*** 0.19*** 0.22*** 0.18*** 0.08*** 0.10*** 0.08*** 
 (0.02) (0.04) (0.03) (0.01) (0.02) (0.02) (0.02) (0.03) (0.03) (0.01) (0.01) (0.01) 
Relative income 0.89*** 0.86*** 0.91*** 0.45*** 0.42*** 0.47*** 0.48*** 0.52*** 0.44*** 0.22*** 0.23*** 0.21*** 
 (0.04) (0.06) (0.05) (0.02) (0.03) (0.03) (0.03) (0.05) (0.04) (0.01) (0.02) (0.02) 
Rel. eco. position 0.76*** 0.80*** 0.74*** 0.36*** 0.38*** 0.35*** 0.74*** 0.64*** 0.81*** 0.32*** 0.28*** 0.35*** 
 (0.06) (0.09) (0.07) (0.03) (0.04) (0.04) (0.04) (0.07) (0.06) (0.02) (0.03) (0.03) 
Trust (No trust as benchmark)             
Trusting 0.32*** 0.23*** 0.39*** 0.15*** 0.11*** 0.19***  -0.16***  -0.10*  -0.21***  -0.07***  -0.04*  -0.09*** 
 (0.05) (0.07) (0.06) (0.02) (0.03) (0.03) (0.03) (0.05) (0.04) (0.01) (0.02) (0.02) 
Race (African as benchmark)               
Mixed race 0.97*** 0.90*** 1.01*** 0.47*** 0.43*** 0.49*** 0.71*** 0.69*** 0.73*** 0.31*** 0.30*** 0.32*** 
 (0.06) (0.09) (0.08) (0.03) (0.05) (0.04) (0.05) (0.08) (0.06) (0.02) (0.03) (0.03) 
Asian/Indian 0.63*** 0.62*** 0.64*** 0.30*** 0.29*** 0.32***  -0.01  -0.11 0.07 0.00  -0.04 0.03 
 (0.13) (0.21) (0.17) (0.06) (0.10) (0.09) (0.10) (0.15) (0.14) (0.04) (0.06) (0.06) 
White 0.63*** 0.58*** 0.68*** 0.29*** 0.26*** 0.31*** 0.63*** 0.69*** 0.58*** 0.26*** 0.29*** 0.24*** 
 (0.08) (0.12) (0.11) (0.04) (0.06) (0.05) (0.07) (0.11) (0.10) (0.03) (0.05) (0.04) 
Relationship status (Single as benchmark)             
In relationship 0.12*** 0.09 0.15*** 0.06*** 0.04 0.07*** 0.31*** 0.33*** 0.33*** 0.13*** 0.14*** 0.14*** 
 (0.04) (0.08) (0.05) (0.02) (0.04) (0.03) (0.04) (0.07) (0.05) (0.02) (0.03) (0.02) 
Health status (Poor health as benchmark)             
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Fair health 0.34*** 0.21 0.40*** 0.17*** 0.11 0.21*** 0.15 0.13 0.15 0.09* 0.08 0.09 
 (0.08) (0.15) (0.10) (0.04) (0.07) (0.05) (0.12) (0.22) (0.14) (0.05) (0.10) (0.06) 
Good health 0.44*** 0.30** 0.50*** 0.23*** 0.15** 0.26*** 0.42*** 0.47** 0.37*** 0.21*** 0.23** 0.19*** 
 (0.08) (0.14) (0.09) (0.04) (0.07) (0.05) (0.11) (0.21) (0.13) (0.05) (0.09) (0.06) 
Very good health 0.78*** 0.77*** 0.76*** 0.39*** 0.37*** 0.39*** 0.67*** 0.69*** 0.66*** 0.32*** 0.33*** 0.31*** 
 (0.08) (0.14) (0.10) (0.04) (0.07) (0.05) (0.11) (0.21) (0.14) (0.05) (0.09) (0.06) 
Excellent health 0.66*** 0.64*** 0.64*** 0.33*** 0.31*** 0.32*** 0.68*** 0.75*** 0.63*** 0.33*** 0.36*** 0.30*** 
 (0.08) (0.14) (0.01) (0.04) (0.07) (0.05) (0.11) (0.21) (0.14) (0.05) (0.09) (0.06) 
Educational attainment (No schooling as benchmark)             
Primary education 0.20*** 0.13 0.23*** 0.10*** 0.06 0.12*** 0.04  -0.12 0.12 0.02  -0.04 0.05 
 (0.06) (0.11) (0.08) (0.03) (0.05) (0.04) (0.07) (0.13) (0.09) (0.03) (0.06) (0.04) 
Secondary 
education 0.23*** 0.15 0.28*** 0.11*** 0.08 0.14*** 0.02  -0.08 0.07 0.01  -0.03 0.03 
 (0.07) (0.11) (0.09) (0.03) (0.05) (0.04) (0.07) (0.13) (0.09) (0.03) (0.06) (0.04) 
Tertiary education 0.26** 0.16 0.35** 0.12* 0.07 0.16* 0.17 0.00 0.27** 0.07  -0.01 0.11* 
 (0.13) (0.19) (0.18) (0.06) (0.09) (0.09) (0.11) (0.18) (0.14) (0.05) (0.08) (0.06) 
Employment status (Not economically active as 
benchmark)             
Unemployed  -0.26***  -0.17*  -0.31***  -0.13***  -0.09*  -0.15*** 0.01 0.00 0.04 0.01 0.01 0.01 
 (0.06) (0.10) (0.07) (0.03) (0.05) (0.03) (0.05) (0.08) (0.06) (0.02) (0.04) (0.03) 
Employed  -0.07  -0.03  -0.08  -0.03  -0.02  -0.04 0.05 0.07 0.06 0.02 0.04 0.03 
 (0.05) (0.08) (0.06) (0.02) (0.04) (0.03) (0.04) (0.07) (0.05) (0.02) (0.03) (0.02) 
Religious 0.32*** 0.28*** 0.46*** 0.16*** 0.13*** 0.23*** 0.60*** 0.57*** 0.59*** 0.26*** 0.25*** 0.26*** 
 (0.06) (0.08) (0.09) (0.03) (0.04) (0.04) (0.05) (0.07) (0.08) (0.02) (0.03) (0.04) 
Electricity 0.22*** 0.25*** 0.19*** 0.11*** 0.12*** 0.10***  -0.06  -0.07  -0.04  -0.03  -0.03  -0.02 
 (0.05) (0.08) (0.06) (0.02) (0.04) (0.03) (0.05) (0.08) (0.06) (0.02) (0.03) (0.03) 
Toilet 0.34*** 0.30*** 0.36*** 0.17*** 0.15*** 0.18*** 0.19*** 0.15** 0.21*** 0.08*** 0.06* 0.09*** 
 (0.06) (0.09) (0.08) (0.03) (0.05) (0.04) (0.05) (0.07) (0.07) (0.02) (0.03) (0.03) 
Geo-type (Rural as benchmark)             
Urban  -0.03  -0.06  -0.01  -0.02  -0.03  -0.01  -0.11**  -0.08  -0.13**  -0.04**  -0.03  -0.05** 
 (0.05) (0.08) (0.07) (0.03) (0.04) (0.04) (0.05) (0.07) (0.06) (0.02) (0.03) (0.03) 
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Constant 3.69*** 3.93*** 3.48*** - - - 4,22*** 4,54*** 4,12*** - - - 
 (0.16) (0.26) (0.20) - - - (0.17) (0.29) (0.21) - - - 
/cut1 - - -  -0.83***  -0.91***  -0.73***      -1.14***  -1.27***  -1.11*** 
 - - - (0.08) (0.13) (0.10) - - - (0.08) (0.13) (0.10) 
/cut2 - - -  -0.52***  -0.61***  -0.42*** - - -  -0.64***  -0.78***  -0.60*** 
 - - - (0.08) (0.13) (0.10) - - - (0.08) (0.13) (0.10) 
/cut3 - - -  -0.12  -0.24*   -0.01 - - -  -0.22***  -0.37***  -0.16* 
 - - - (0.08) (0.13) (0.10) - - - (0.08) (0.13) (0.10) 
/cut4 - - - 0.32*** 0.18 0.45*** - - - 0.19*** 0.06 0.24** 
 - - - (0.08) (0.13) (0.10) - - - (0.08) (0.13) (0.10) 
/cut5 - - - 1.10*** 0.94*** 1.24*** - - - 0.67*** 0.52*** 0.72*** 
 - - - (0.08) (0.13) (0.10) - - - (0.08) (0.13) (0.10) 
/cut6 - - - 1.47*** 1.31*** 1.60*** - - - 1.03*** 0.89*** 1.08*** 
 - - - (0.08) (0.13) (0.10) - - - (0.08) (0.13) (0.10) 
/cut7 - - - 1.86*** 1.71*** 1.99*** - - - 1.40*** 1.26*** 1.46*** 
 - - - (0.08) (0.13) (0.10) - - - (0.08) (0.13) (0.10) 
/cut8 - - - 2.27*** 2.12*** 2.40*** - - - 1.79*** 1.65*** 1.84*** 
 - - - (0.08) (0.13) (0.10) - - - (0.08) (0.13) (0.10) 
/cut9 - - - 2.45*** 2.31*** 2.58*** - - - 1.99*** 1.85*** 2.05*** 
 - - - (0.08) (0.13) (0.11) - - - (0.08) (0.13) (0.10) 
Observations 14002 5593 8409 14002 5593 8409 23794 9729 14048 23794 9729 14048 
Durbin-Wu-
Hausman p-value 0.290 0.226 0.066    0.321 0.649 0.088    
R2/Pseudo R2 0.195 0.178 0.207 0.051 0.046 0.055 0.096 0.103 0.094 0.023 0.025 0.022 
Prob>chi2 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 
Robust standard errors in parentheses          
*** p<0.01, ** p<0.05, * p<0.1           
Source: Author’s calculations using NIDS Wave 1 & Wave 5 
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The other covariates are mostly in line with our expectations in that they are statistically 
significant and hold their anticipated sign (such as age, income, relative income, relative 
economic positioning, race, health status, religion and having a toilet). For example, income 
has a significant positive relationship with the subjective well-being of males and females in 
2008 and 2017 (Easterlin, 1974; 1995). The same positive and statistically significant 
relationship holds for relative income and perceived economic positioning. This finding is in 
line with existing South African studies by Kollamparambil (2019) and Posel and Casale 
(2011), as well as international studies by Bhuiyan (2018), Clark, Frijters and Shields (2008) 
and Luttmer (2005), who argue that apart from absolute income, relative income and relative 
economic positioning are important determinants of an individual’s subjective well-being. The 
idea behind this is that people not only care about their financial earnings or economic status 
in an absolute sense, but also in a relative sense (i.e. in comparison to that of others). 
 
Consistent with previous studies, we find a U-shaped relationship between age and happiness 
(Blanchflower, 2009; Blanchflower & Oswald, 2008, 2004; Clark & Oswald, 2006; 
Winkelmann & Winkelmann, 1998). This means that an individual’s subjective well-being 
initially decreases with age, reaching a minimum at a certain point. Beyond that age-threshold 
increases in age correspond with increases in happiness.  
 
In 2008 and 2017, religion is positively and significantly related to the subjective well-being 
of males and females. A plausible reason for this is because religion argues bringing a sense of 
belonging and comfort into one’s life (Kollamparambil, 2019; Clark & Lelkes, 2005). This 
finding is supported by Nell and Rothmann (2018), who found an indirect effect of religiosity 
on life satisfaction via the mediating role of hope. One of the first South African studies to have 
highlighted the important role played by religion, was that of Blaauw and Pretorius (2013). The 
authors found that individuals who regarded religious activities as important or very important, 
reported being significantly happier in comparison to those who were not religious, irrespective 
of the religious group they belonged to.  
 
Our results find that in both sample years, people of mixed race, Asians/Indians and Whites 
are significantly happier than Africans. The exception is that in 2017, the coefficient for 
Asians/Indians lost significance. Therefore, as was noted in Section 4.4, any estimates based 
on this racial group must be treated with the utmost caution due to Asian/Indian 
underrepresentation. According to a number of South African studies on subjective well-being, 
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Africans report significantly lower levels of subjective well-being than other racial groups 
(Greyling & Tregenna, 2016; Ebrahim et al, 2013). This is a common finding in literature 
which emphasizes the fact that South Africa is a racially divided society (Kingdon & Knight, 
2007).   
 
The relationship between having a flushing toilet (which is seen as a proxy for a greater level 
of household services) and subjective well-being has been somewhat overlooked in South 
African studies. Yet, our OLS results consistently find a significant positive relationship 
between having a flushing toilet and the subjective well-being of both gender groups. This 
finding is contradictory to a study by Kollamparambil (2019), who found inconsistent results. 
A study by Posel and Casale (2015) found that having piped water on site (which is also a 
proxy for household services) significantly improves the subjective well-being of women; 
however, no such relationship exists for men. The authors attribute this to women being more 
likely to face the difficulties of daily household chores such as cooking, washing, cleaning etc. 
Hence, the burden of having inadequate household services may, in some cases, fall more 
heavily on women.  
 
Contrary to other South African studies that did not find a statistically significant relationship 
between health and subjective well-being (Greyling, 2018; Blaauw & Pretorius, 2013), our 
results find that an individual’s perceived health status is significant in determining their 
happiness (Diener & Seligman, 2004). In particular, those who report having good, very good 
or excellent health, experience significantly higher levels of subjective well-being in 
comparison to those who report having poor health. The coefficient of fair health, however, 
appears to be somewhat more consistent with South African literature. In 2008 we see that fair 
health is not a significant predictor in the happiness of males and, according to the more recent 
2017 results, fair health is no longer a statistically significant predictor in the happiness of 
males and females. There are two possible explanations for the inconsistencies regarding health 
in the South African literature: (a) Self-assessed health questions are likely to cause 
respondents to underestimate the importance of their individual health in explaining life 
satisfaction because good health is often something that is taken for granted (Greyling, 2018); 
(b) There is a lack of a standardized definition or mutual understanding of what is regarded as 
healthy or unhealthy. For example, Blaauw and Pretorius (2013) defined the term unhealthy 
(more specifically, obesity) when an individual’s BMI exceeds 30, whereas Greyling (2018) 
derived the variable health from a question that asked respondents whether they “usually” 
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needed health care and, if so, they were assumed to be unhealthy. Thus, Blaauw and Pretorius 
(2013) chose to define health based on objective measures (i.e. measures that are influenced by 
an individual’s objective height and weight), while Greyling (2018) chose to define health 
based on subjective measures (i.e. measures that are influenced by an individual’s personal 
judgement). Based on these two examples, one can see that no standard definition of health 
exists, hence the mixed results.  
 
In 2008 the coefficient for unemployed is negative and significant for males and females 
suggesting that being unemployed compared to being not economically active, decreases the 
subjective well-being of both males and females. This is expected, as individuals who are 
unemployed are able and willing to work, whereas individuals who are not economically active 
are either unable or unwilling to work, and therefore do not have any expectations of finding a 
job. Surprisingly, in 2017, the coefficient for unemployed lost significance for both genders. 
This is an interesting finding which suggests that unemployment is no longer a significant 
predictor in the life satisfaction of males and females. Despite not knowing the exact cause or 
reason for this change, we believe that this may be a reflection of the reality of millions of 
people in South Africa who have been unemployed for so long, that they no longer view 
unemployment as a factor in determining their own happiness and have subsequently lost all 
hope in finding future employment. As a result, these households rely on alternative sources of 
income, such as remittances or government social grants, as their main source of earnings. 
According to StatsSA report (2019), 44.3 percent of households in South Africa receive one or 
more social grants, with 45.2 percent of such households being dependent on these social grants 
as their primary source of income. 
 
The relationship between being employed and subjective well-being is not statistically 
significant in both time periods and for both gender groups. This unexpected finding is 
supported by a number of more recent South African studies by Morton et al. (2018) and 
Greyling (2018), which argued that even though employment provides financial stability, it is 
not necessarily a predictor of an individual’s life satisfaction. A possible reason for this is 
because employment is linked to job-related tasks and responsibilities that make people prone 
to suffer from work-related stress, anxiety and fatigue (Johnson, 2018). Therefore, contrary to 
popular belief, being employed does not increase an individual’s subjective well-being levels 
in South Africa. 
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Two other interesting findings are those of the trust variable and the electricity variable. Trust 
is often seen as a proxy for social capital within a society (Uslaner, 1999; Woolcock, 1998).  
According to the OECD (2001), social capital is defined as “networks [consisting of family 
members, friends and colleagues] together with shared norms, values and understandings that 
facilitate co-operation within or among groups”. In 2008, we find a significant positive 
relationship between trust and subjective well-being. This implies that individuals experience 
higher levels of subjective well-being when they trust that their neighbours would return a lost 
wallet (Greyling, 2018; Helliwell & Wang, 2011). Contravening previous studies, the sign of 
the trust coefficient turned negative and remained significant in 2017. This is unexpected and 
somewhat surprising as it suggests that higher levels of trust are associated with lower levels 
of life satisfaction. This is likely the result of a combination of events that occurred over the 
years, causing South Africans to become distrustful of others, as a result of crime, corruption 
and economic and political uncertainty. van Tilburg (2019) stresses that in South Africa trust 
is sorely lacking and as a result South Africans do not even trust their political officials or the 
police. This is disconcerting, since the author also stresses that there is no short-term solution 
to regaining this trust, and that rebuilding it will necessitate a long-term plan, involving 
considerable efforts to improve the quality of education, reduce inequality and tackle the root 
cause of corruption (van Tilburg, 2019). 
 
In 2008, we find that households with electricity report significantly higher levels of subjective 
well-being in comparison to households without electricity (Kollamparambil, 2019). However, 
in 2017, the coefficient turned negative and lost significance. The loss of significance is likely 
a reflection of the highly disruptive load-shedding episodes that began in 2008 and came at an 
enormous cost to many households and the economy as a whole. According to a 2017 report 
on electricity consumption and pricing in South Africa, electricity prices more than doubled in 
real terms and rose by a cumulative 114 percent between 2008 and 2013 (Deloitte, 2017). Thus, 
a quick response to the electricity shortages, alongside the exponentially rising cost, was for 
households and businesses to shift to alternative methods of energy consumption that were 
more reliable and efficient in the long-term, for example, by investing in generators or 
diversifying their energy mix to include alternative energy methods like solar or wind.  Thus, 
electricity is no longer an important determinant of life satisfaction. 
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5.4. Blinder-Oaxaca decomposition results 
To answer the third research objective, we decompose the gender happiness gap in South Africa 
for the years 2008 and 2017, respectively. Table 4 presents the results of the Blinder-Oaxaca 
decomposition model (as defined by equation 6.4), with males being the reference group. Here, 
we focus on the change in the sign and statistical significance of the overall gap, as well as the 
percentage contribution of the explained and the unexplained components to the gap. Note that 
we also include the non-linear ordered probit Blinder-Oaxaca decomposition results to show 
the similarity and consistency between the two models. Although, as noted in Section 2.3.1, 
we focus our analysis primarily on the linear decomposition which is much more advantageous 
as it allows us to determine the proportional contributions of each variable to the explained and 
unexplained components of the gap (as can be seen in Table 5 below). Reassuringly, the 
Blinder-Oaxaca results show the mean happiness of males and females in 2008 and 2017 to 
correspond with those presented in Figure 2. 
 
Table 4: Blinder-Oaxaca decomposition results, 2008 and 2017 
 2008 2017 
Gap (𝑠𝑤𝑏̅̅ ̅̅ ̅𝑚 −
𝑠𝑤𝑏̅̅ ̅̅ ?̅?) 0.154***  0.026   
 Explained %  Unexplained %  Explained %  Unexplained %  
Linear 
regression 0.12*** 78 0.03 22 0.09*** 350  -0.07** -250 
Ordered 
probit9 0.11 68 0.05 32 0.08 310 -0.06 -210 
*** p<0.01, ** p<0.05, * p<0.1  
Source: Author’s calculations using NIDS Wave 1 & Wave 5 
 
In 2008, the difference in subjective well-being between males and females is positive and 
statistically significant (at 1 percent level of significance). This implies that males experience 
significantly higher levels of subjective well-being in comparison to their female counterparts 
(consistent with our results from Figure 2). The explained component is positive and 
statistically significant. Moreover, its percentage contribution to the gender happiness gap is 
substantially larger than the unexplained component (78 percent and 22 percent, respectively). 
This means that in 2008, the gender happiness gap favouring males is driven primarily by the 
difference in observed characteristics between the two genders.  
                                                 
9 Ordered probit Blinder-Oaxaca results do not provide the statistical significance of the explained and 
unexplained components. 
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In 2017, the gender happiness gap is no longer statistically significant (again consistent with 
our results from Figure 2). More specifically, the estimated difference in subjective well-being 
between males and females fell considerably from 0.154 in 2008 to 0.026 in 2017. Despite the 
gap no longer being significant, the positive and significant sign of the explained component 
suggests that males continue to possess more favourable observed characteristics than females. 
Naturally, one would then ask: how is it possible that the gender happiness gap favouring males 
narrowed from 2008 to 2017, yet males continue to be advantaged in terms of their observed 
characteristics. The main reason for this is that women have become better at generating greater 
“returns” from their observed characteristics. Hence, the emergence of the negative and 
statistically significant sign of the unexplained component. Statistically, we can say that the 
unexplained component contributes to a 250 percent reduction in the gender happiness gap 
favouring men.  To sum this all up, the percentage contribution of the explained component to 
the gender happiness gap rose from 2008 to 2017, however the unexplained component 
partially offset this rise, thus causing the gender happiness gap in South Africa to narrow to a 
point where it is no longer statistically significant.  
 
In summary, these findings confirm the existence of a gender happiness gap favouring males 
in South Africa for 2008, but not 2017. Similar to Blanchflower and Oswald’s (2004) findings, 
we find that happiness gaps are not stationary over time. Initially, we saw that more than three-
quarters of the gender happiness gap favouring men could be explained by the difference in 
observed characteristics. Surprisingly, the results change considerably from 2008 to 2017. In 
particular, the gender happiness gap favouring males narrows to a point where it is not 
statistically significant. This is a possible indication that policies aimed at addressing gender 
inequality in South Africa have helped in reducing the gap in happiness between males and 
females, because females have become more efficient in transforming their observed 
characteristics into higher levels of happiness. 
 
To answer our fourth research objective, we determine and compare the proportional 
contribution of each variable to the explained and unexplained components of the gender 
happiness gap in the two time periods to identify which variable contributes the most to the 
explained and unexplained components of the gap in 2008 and 2017, respectively. Next, we 
examine changes in the significance of each variable to the explained and unexplained 
components from 2008 to 2017. Table 5 below presents the detailed decomposition results of 
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the individual covariates to the explained and unexplained components of the gap for both 
sample years. Column 3, 5, 7 and 9 contain the proportional contributions of each variable to 
the explained and unexplained components of the gap in 2008 and 2017, respectively. This is 
calculated by dividing the individual covariates of the explained and unexplained components 
(contained in Table 5) by the overall explained and unexplained components (contained in 
Table 4). Reassuringly, by summing columns 2 to 9 in Table 5, we obtain the overall estimates 
of the explained and unexplained components and their respective contributions to the gap, as 
is expressed in Table 410. 
 
Looking at the explained component first, we see that the differences are mostly consistent 
from 2008 to 2017. In 2008 and 2017, the largest contributor of the explained component is 
age, which works strongly in favour of males. More specifically, age contributed to 62.2 
percent and 634.6 percent of the explained component in 2008 and 2017, respectively. So while 
the relationship between age and subjective well-being is U-shaped, it accounts for the largest 
percentage of the explained component. The unexplained differences are more inconsistent and 
difficult to interpret (Madden, 2010). In 2008 and 2017, the largest contributor to the 
unexplained component is electricity and age-squared, respectively. In particular, electricity 
contributes to 27.3 percent of the unexplained component in 2008 and age-squared contributes 
1692.3 percent of the unexplained component in 2017. 
                                                 
10 Please note that the total percentages of the explained and unexplained components provided in Table 5 may 
differ slightly to those shown in Table 4 due to rounding-off. 
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Table 5: Proportional contribution of variables to the gender happiness gap, 2008 and 2017 
  2008 2017 
  Explained 
Percentage 
Contribution Unexplained 
Percentage 
Contribution Explained 
Percentage 
Contribution Unexplained 
Percentage 
Contribution 
Age 0.10*** 62.21 -0.05 -33.05 0.17*** 634.62 -0.96 ** -3707.69 
 (0.02)  (0.47)  (0.02)  (0.44)  
Age2 -0.09*** -59.74 0.01 8.44 -0.16*** -600.00 0.44** 1692.31 
 (0.02)  (0.23)  (0.02)  (0.20)  
Income (log) 0.03*** 17.14 0.01 4.55 0.05*** 200.00 0.10 400.00 
 (0.01)  (0.10)  (0.01)  (0.10)  
Relative income 0.03*** 17.53 -0.02 -14.94 0.01*** 43.85 0.04 170.38 
 (0.01)  (0.04)  (0.00)  (0.04)  
Rel. eco. position 0.01* 5.84 0.01 5.84 0.01*** 38.465 -0.03* -103.85 
 (0.01)  (0.02)  (0.00)  (0.02)  
Trusting (No trust as benchmark)       
Trust 0.01** 3.90 -0.04* -24.03  0.00 0.00 0.04 138.46 
 (0.00)  (0.02)  (0.00)  (0.02)  
Race (African as benchmark)       
Mixed race 0.00 0.00 -0.02 -10.39 0.00 12.62 -0.01 -21.62 
 (0.01)  (0.02)  (0.00)  (0.01)  
Asian/Indian 0.00 -0.65  0.00 0.00  0.00 0.00 0.00 -11.54 
 (0.00)  (0.00)  0.00  (0.00)  
White 0.01*** 4.55 -0.01 -3.90 0.01** 17.92 0.01 20.77 
 (0.00)  (0.01)  (0.00)  (0.01)  
Relationship status (Single as benchmark)       
In relationship 0.01** 3.25 -0.02 -14.29 0.01*** 38.85 0.00 5.08 
 (0.00)  (0.04)  (0.00)  (0.03)  
Health status (Poor health as benchmark)       
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Fair health -0.01*** -9.09 -0.02 -14.55 0.00 -16.88 0.00 -6.19 
 (0.00)  (0.02)  (0.00)  (0.02)  
Good health -0.02*** -11.69 -0.05 -30.06 -0.02*** -63.85 0.03 105.00 
 (0.00)  (0.04)  (0.01)  (0.06)  
Very good health 0.02** 10.39 0.00 1.95 0.01* 30.77 0.01 42.31 
 (0.01)  (0.04)  (0.00)  (0.08)  
Excellent health 0.06*** 37.66 0.00 -1.30 0.05*** 180.77 0.04 150.00 
 (0.01)  (0.10)  (0.01)  (0.08)  
Educational attainment (No schooling as benchmark)       
Primary education 0.00 0.65 -0.03 -16.88 0.00 0.00 -0.04 -150.00 
 (0.00)  (0.03)  (0.00)  (0.03)  
Secondary 
education 0.01** 3.90 -0.08 -49.35 0.00 3.85 -0.11 -407.69 
 (0.00)  (0.09)  (0.00)  (0.12)  
Tertiary education 0.00 0.65 0.00 -2.60 0.00 3.85 -0.01 -42.31 
 (0.00)  (0.01)  (0.00)  (0.01)  
Employment status (Not economically active as 
benchmark)       
Unemployed 0.02*** 9.74 0.02 14.94 0.00 0.00 -0.00 -15.38 
 (0.00)  (0.02)  (0.00)  (0.01)  
Employed -0.01 -7.14 0.02 15.45 0.01 29.00 0.01 25.15 
 (0.01)  (0.04)  (0.01)  (0.03)  
Religious -0.04*** -23.38 -0.16 -103.25 -0.05*** -208.85 -0.01 -49.23 
 (0.01)  (0.10)  (0.01)  (0.09)  
Electricity 0.01*** 3.25 0.04 27.27 0.00 0.00 -0.03 -100.00 
 (0.00)  (0.08)  0.00  (0.09)  
Toilet 0.01*** 9.09 -0.03 -18.83 0.01*** 30.77 -0.03 -123.08 
 (0.00)  (0.06)  (0.00)  (0.05)  
Geo-type (Rural as benchmark)       
Urban -0.00 -0.65 -0.02 -15.58 -0.00**  -16.85 0.03 100.77 
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 (0.00)  (0.05)  (0.00)  (0.05)  
Constant  0.00 0.00 0.46 296.10 0.00 0.00 0.43 1634.62 
    (0.33)    (0.36)  
TOTAL  0.12 77.40 0.03 21.56 0.09 358.88 -0.07 -253.73 
Observations 14002   14002   23777   23777   
Robust standard errors in parentheses       
*** p<0.01, ** p<0.05, * p<0.1       
Source: Author’s calculations using NIDS Wave 1 & Wave 5
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Next, we examine changes in the significance of each variable to the explained and unexplained 
components from 2008 to 2017. Looking at the differences to the explained component, we see 
that only three variables became statistically significant from 2008 to 2017, those being, 
relative economic positioning, being in a relationship and households residing in urban areas. 
Thus, these variables are significant in explaining the differences in characteristics in 2017. 
The negative sign of the last variable implies that females residing in urban areas are 
increasingly unhappy with respect to males. For the remaining variables, the level of 
significance to the explained component either remains unchanged or declined over the same 
period. Alternatively, if we look at the unexplained component, we see that age and relative 
economic positioning became statistically significant in explaining the difference in 
coefficients in 2017. Hence, these variables have become more important in explaining the 
unexplained component. The level of significance for the remaining variables to the 
unexplained component either stayed unchanged or declined from 2008 to 2017.  
 
Taking all of this into consideration, South African government officials should direct their 
attention towards developing and implementing policies which promote happiness and gender 
equality. In general, these policies should focus on improving the quality of and access to basic 
household services (specifically, electricity), strengthening the performance and productivity 
of state-owned enterprises (Eskom) by ensuring transparency and accountability, and reducing 
gender-based violence specifically in urban areas. 
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Chapter 6: Conclusion 
This minor dissertation endeavoured to bridge the current gap that exists in literature by gaining 
a greater understanding of gender differences in subjective well-being in South Africa. In doing 
so, this minor dissertation contributes to the international research by decomposing a gender 
happiness gap for a developing, upper middle-income county, which has not been done before. 
In addition, this minor dissertation is the first South African study to decompose the gender 
happiness gap and examine its changes at two points in time. Such an analysis is particularly 
attractive within the South African context, given that it is considered to be one of the most 
unequal and unhappiest countries in the world (Helliwell et al, 2019; World Bank, 2018). 
 
To accomplish this goal, we addressed four research objectives: Firstly, we identified which 
gender appears to be, relatively happier, on average, in 2008 and 2017, respectively. Secondly, 
we examined and compared the determinants of happiness in the two time periods for males 
and females. Thirdly, we decomposed the gender happiness gap, if any, in the two time periods 
to see if the size of the gap has changed over time. In addition, we identified whether the gender 
happiness gap can be explained by the differences in characteristics or coefficients, and also 
investigated whether the explanation of the gap (i.e. differences in characteristics or 
coefficients) has changed over time. Lastly, we determined and compared the proportional 
contributions of each of the variables with the explained and unexplained components of the 
gender happiness gap in 2008 and 2017, respectively. In doing so, we identified which variable 
contributes the largest to the explained and unexplained components of the gap in the two time 
periods, and also examined changes in the significance of each variable to the explained and 
unexplained components from 2008 to 2017. 
 
This study employed data from the first (Wave 1) and the most recent (Wave 5) waves of the 
nationally representative NIDS dataset. To answer the first research objective, we used 
descriptive statistics to analyse the mean life satisfaction score of males and females in South 
Africa for the years 2008 and 2017, respectively. According to the descriptive analysis, in 2008 
males reported a significantly higher mean life satisfaction score, on average, than females 
(specifically, 5.50 for males and 5.35 for females). More specifically, the average life 
satisfaction score was 3 percent higher for men than women, though, in 2017, the mean life 
satisfaction score appeared to be very similar for both genders (5.59 for men and 5.56 for 
women). Hence, it was no longer statistically different between males and females. This shows 
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that from 2008 to 2017 the subjective well-being of males remained relatively unchanged, 
while the subjective well-being of females increased substantially, so that it was almost equal 
to that of males. 
 
To answer the second research objective, we estimated and compared a number of OLS and 
ordered probit models in both time periods for of males and females. The results from the OLS 
and ordered probit models are in line with our expectations and consistent with existing South 
African studies. In both 2008 and 2017 we found that a number of household demographic and 
socioeconomic variables were important determinants of subjective well-being for both males 
and females. These variables include age, income, relative income, relative economic 
positioning, race, perceived health status, religion and having a flushing toilet. Contrary to that 
which was expected, we found that in 2017 education and employment were weak and often 
not statistically significant predictors of subjective well-being for both males and females. Our 
results also showed that a number of covariates differ by gender and year. For example, in 
2008, being in a relationship significantly increased the happiness of females, but had no 
significant relationship with the happiness of males. Along the same lines, in 2017 the 
coefficient for household geo-type (specifically, urban) had no statistically significant 
relationship with the subjective well-being of males, though it significantly reduced the 
subjective well-being of females. Arguably, two determinants that have not yet received 
considerable attention in South African literature on subjective well-being, is the role of 
electricity and trust in determining an individual’s subjective well-being. Our findings showed 
that the trust variable was positive and highly significant for both genders in 2008, but turned 
negative and no longer significant in 2017. Likewise, the electricity variable became negative 
and no longer statistically significant in 2017. This is likely the result of a combination of 
factors, including increased crime and corruption, as well as governance and liquidity problems 
at the state-owned enterprise Eskom.  
 
To answer the third research objective, we made use of a linear Blinder-Oaxaca model to 
decompose the gender happiness gap in South Africa for 2008 and 2017. In 2008 we found that 
more than three-quarters of the gender happiness gap favouring men could be explained by the 
differences in characteristics. Surprisingly, the results changed considerably from 2008 to 
2017. In particular, the gender happiness gap favouring males narrowed to a point where it was 
no longer statistically significant. The main reason for this change is that, over time, women 
have become better at generating greater “returns” from their observed characteristics. This is 
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a possible indication that policies aimed at addressing gender inequality in South Africa have 
helped in reducing the gap in happiness between genders, because females have become more 
efficient in transforming their observed characteristics into higher levels of happiness. As a 
result, females’ happiness increased at a relatively faster rate than males’ happiness, hence the 
narrowing of the overall gender happiness gap in South Africa. 
 
Lastly, to answer our fourth research objective, we determined and compared the proportional 
contribution of each variable to the explained and unexplained components of the gender 
happiness gap in the two time periods, in order to identify which variable contributes the most 
to the explained and unexplained components of the gap in 2008 and 2017, respectively, as 
well as to examine changes in the significance of each variable to the explained and 
unexplained components of 2008 to 2017. We found that the largest contributor of the 
explained component remained consistent over the two time periods. In particular, we found 
that in 2008 and 2017, the largest contributor of the explained component was age, which 
worked strongly in favour of males. While the largest contributor of the unexplained 
component was electricity and age-squared in 2008 and 2017, respectively. Moreover, we saw 
that only three variables became more significant in explaining the differences in 
characteristics from 2008 to 2017, those being, relative economic positioning, being in a 
relationship and households residing in urban areas. Looking at the unexplained component, 
we saw that age, age-squared and relative economic positioning became more significant in 
explaining the differences in coefficients in 2017. 
 
Going back to the two questions posed by Matteucci and Vieira Lima (2016) (refer to page 10), 
we make the following conclusions: firstly, the decline in the relative happiness of females is 
not a worldwide phenomenon, as we see the opposite to be true in the case of South Africa. 
Secondly, the determinants of females’ happiness are very similar to the determinants of males’ 
happiness, though the main difference is that, over time, females have become more efficient 
in transforming their observed characteristics into higher levels of happiness. 
 
The findings of this minor dissertation are important as they show that, in light of the policies 
that have been implemented to promote gender equality in South Africa, their benefits have 
been far-reaching for both men and women. Over time, we found a rise in the relative happiness 
of females, though at the same time the absolute happiness of both genders increased. 
Consequently, differences in subjective well-being are no longer statistically different between 
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gender groups. Essentially, this means that policies that promote gender equality tend to 
improve the subjective well-being of all and not just direct beneficiaries of such policies 
(women), because men are happier when genders are equal (Audette, Lam, Connor & Radcliff, 
2019). This provides some evidence to suggest that promoting gender equality leads to greater 
happiness for all. Going forward, South African policy-makers must continue to direct their 
attention towards developing and implementing policies that promote gender equality in all 
areas. 
 
One of the limitations of this minor dissertation is the omission of important variables in 
subjective well-being. For example, additional variables such as remittances, crime and 
household duties should be included in future studies on gender differences in subjective well-
being. In addition, and like most studies on subjective well-being, our study relies heavily on 
the assumption that subjective well-being is static or stationary. Though, subjective well-being 
may be dynamic, meaning that an individuals’ subjective well-being today is influenced by 
their subjective well-being in the past. This presents an insightful direction for future research 
on subjective well-being. 
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Appendix 
Table 6: Breusch-Pagan test for heteroscedasticity 
 2008 2017 
Male Prob > chi2 = 0.0000 Prob > chi2 = 0.0000 
Female Prob > chi2 = 0.0002 Prob > chi2 = 0.0000 
Source: Author’s computations using NIDS Wave 1 & Wave 5 
 
Table 7: VIF test for multicollinearity 
Mean VIF 2008 2017 
Male 5.02 6.34 
Females 4.53 5.12 
Source: Author’s computations using NIDS Wave 1 & Wave 5 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
